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Actuarial risk assessment measures are often admitted in court, partly because
strong psychometric properties such as interrater agreement suggest that they
increase reliability and reduce subjectivity in forensic evaluation. But how strong is
rater agreement when raters are retained by opposing sides in adversarial legal
proceedings? The authors review sexual offender civil commitment cases in which
opposing evaluators reported scores on the STATIC-99, the Minnesota Sex Of-
fender Sex Offender Screening Tool—Revised (MnSOST–R), or the Psychopathy
Checklist—Revised (PCL–R) for the same individual. Differences between scores
from opposing evaluators were often greater than expected based on rater agreement
values reported in the instrument manuals and research literature. Score differences
were often in a direction that supported the party who retained each evaluator. Rater
agreement was stronger for the STATIC-99, intraclass correlation coefficient
([ICC]A,1) � .64; than for the MnSOST–R, ICC(A,1) � .48; and the PCL–R,
ICC(A,1) � .42. STATIC-99 scores appeared less influenced by adversarial alle-
giance. Overall, however, results raise concern that an evaluator’s adversarial
allegiance could influence some assessment instrument scores in forensic evalua-
tion.
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In recent years, public concern about sexual offenders has prompted states
to adopt a variety of laws and policies, including postincarceration civil
commitment of sexually violent predators, that attempt to protect the com-
munity from high-risk sexual offenders (LaFond, 2005). Of course, distin-
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guishing offenders at relatively higher or lower risk requires some form of
reliable risk assessment. Therefore, clinicians and administrators in forensic
and correctional settings increasingly rely on actuarial risk assessment instru-
ments (ARAIs; Janus & Prentky, 2003) designed to estimate the risk of
recidivism among sexual offenders. National surveys reveal that the vast
majority of states use a sex-offender-specific ARAI at some point in sex
offender supervision (Interstate Commission for Adult Offender Supervision
[ICAOS], 2007). At least 30 states reported using the STATIC-99 (Hanson &
Thornton, 1999) specifically. Another popular sex offender risk measure, the
Minnesota Sex Offender Sex Offender Screening Tool—Revised ([MnSOST–
R]; Epperson et al., 1998), has been adopted by 7 state systems (ICAOS, 2007)
and more than 20% of sex offender treatment programs in the United States
(McGrath, Cumming, & Bouchard, 2003).

Using ARAIs not only is common practice but also is sometimes mandated
by law. The Virginia statute (Va. Code. Ann. § 37.2-903) delineating proce-
dures related to civil commitment of certain sexual offenders as sexually
violent predators ([SVPs] a process described later) specifically requires the
Department of Corrections to administer to all sexual offenders a particular
ARAI (i.e., STATIC-99; Hanson & Thornton, 1999) and refer for a subsequent
clinical evaluation any inmates who score above a certain total. Indeed, there
appear to be few, if any, psychological assessment instruments more ingrained
into law and policy than sex-offender-specific ARAIs.

Generally, actuarial risk assessment relies on explicit rules that specify
which risk factors are examined, how those risk factors are scored, and how
the scores are mathematically combined to yield an objective estimate of risk
(Monahan, 2006). ARAIs for sex offender recidivism, such as the STATIC-99
and the MnSOST–R, were developed by following samples of released sexual
offenders and documenting the observed recidivism rates. Researchers iden-
tified risk factors (usually data easily retrieved from records, such as age and
previous offenses) that were statistically related with recidivism. They also
documented recidivism rates among subgroups of the sample with specific
numbers of risk factors (e.g., of offenders with X of the identified risk factors,
Y% reoffended over Z years). Thus, the premise of ARAIs is that clinicians
can observe the number of predefined risk factors present in the offender they
evaluate and estimate the likelihood that the offender will recidivate on the
basis of the observed recidivism rate in the risk measure’s development
sample.

In many respects, the movement to create and adopt ARAIs is a positive
development. ARAIs tend to yield more accurate risk estimates than unstruc-
tured clinical judgments (Grove & Meehl, 1996; Grove, Zald, Lebow, Snitz,
& Nelson, 2000; Hanson, Morton, & Harris, 2003; Hanson, & Morton-
Bourgon, 2007), and they provide a clear basis for decisions that may have
dire consequences for individual offenders and potential victims in the com-
munity. One potential advantage of actuarial risk measures is that they should
reduce clinician subjectivity in risk judgments and thus increase the likelihood
of a fair and objective forensic evaluation (Janus & Prentky, 2003). The
perception that actuarial risk measures reduce bias and subjectivity is partic-
ularly important in adversarial legal contexts such as SVP proceedings, in
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which opposing sides retain forensic evaluators to conduct a formal risk
assessment of the same individual.

Actuarial Risk Assessment Instruments in Sex Offender
Civil Commitment

SVP laws allow states to identify sexual offenders perceived to be at high risk
for repeated sexual offenses and civilly commit them after their incarceration to
protect potential victims and provide treatment to the offender (for detailed
descriptions of forensic evaluations in SVP proceedings, see Campbell, 2007;
Doren, 2002; Jackson & Richards, 2008; Miller, Amenta, & Conroy, 2005). Most
SVP commitment laws mirror criteria that the U.S. Supreme Court set forth in
Kansas v. Hendricks (Kansas v. Hendricks, 117 S. Ct. 2072 (1997)) and require
four elements for commitment. Usually, the committed individual must (a) have
a history of sexual offending, (b) manifest a mental abnormality (sometimes
defined as a mental disorder or personality disorder), (c) manifest a volitional
impairment rendering him less able to control his sexual behavior, and d) pose
significant risk for future sexual offending (Miller et al., 2005).

Proceedings for offenders facing civil commitment as SVPs routinely involve
forensic evaluators, retained by opposing sides, who conduct risk assessments of
the same offender, often using the same ARAIs to do so. ARAIs play a prominent
role in sex offender civil commitment proceedings because they are the primary
method by which evaluators assess the criterion of risk of future offending
(Wollert, 2006). One national survey revealed that nearly all surveyed SVP
evaluators administered ARAIs to assess risk of sexual recidivism (Jackson &
Hess, 2007). Likewise, guidelines from professional groups (Association for the
Treatment of Sex Abusers, 2001) and professional texts (Doren, 2002; Jackson &
Richards, 2008) recommend that evaluators use ARAIs. ARAIs are routinely
admitted as evidence during SVP trials (Janus & Prentky, 2003), because they
reflect current practice standards and because there appears to be a general
consensus that they have a strong empirical basis and adequate psychometric
properties such as interrater reliability (Doren, 2002, 2006; but cf. Campbell,
2007).

In Florida, Levenson (2004a) found that offenders whom evaluators recom-
mended for civil commitment had significantly higher scores on ARAIs than
offenders who were evaluated, but not recommended, for commitment. For
example, offenders recommended for commitment had a mean total MnSOST–R
score of 10, compared with the released offenders, who had a mean score of 3.
The effect size for this difference is large (Cohen’s d � 1.47),1 with similarly
large effects for the STATIC-99 (d � 1.31) and Hare’s (1991, 2003) Psychopathy
Checklist—Revised (PCL–R; d � 1.06), another measure that is also often used
in sex offender civil commitment evaluations. These three measures were the
strongest predictors of whether evaluators recommended civil commitment, out-
predicting offender and offense characteristics such as victim age, number of
victims, and number of sex offense arrests. In short, although ARAIs are rarely the

1 Effect sizes were calculated from descriptive statistics from Levenson (2004a; see Table 1).
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sole criteria for initiating civil commitment proceedings, ARAIs appear to play a
substantial role in influencing who is civilly committed.

Actuarial Risk Assessment and Rater Agreement

Overall, research studies report strong rater agreement values for ARAIs
(Doren, 2004, 2006). For example, the STATIC-99 manual summarized good
agreement values, although using three different measures of interrater agreement.
Regarding intraclass correlation coefficients (ICCs) specifically, researchers have
reported values ranging from .85 to .90 (Barbaree, Seto, Langton, & Peacock,
2001; Hanson, 2001; Harris et al., 2003) for the STATIC-99. The MnSOST–R
also appears to demonstrate adequate agreement. Indeed, the most recent Mn-
SOST–R technical paper (Epperson et al., 2003) offers more detailed information
than is typically available regarding rater agreement for ARAIs:

In the Minnesota reliability study, the singular ICC for the 10 raters was .80 for
consistency of ratings and .76 for absolute agreement of ratings, indicating that the
ratings of individual raters were reasonably reliable, particularly give the harsh
conditions for the raters. The Florida reliability study better reflected the condi-
tions under which the MnSOST–R is typically scored in real-life situations, and
this study yielded higher reliability coefficients: ICC � .87 for relative agreement
of ratings and .86 for absolute agreement of ratings. (p. 23)

Independent researchers using the MnSOST–R have reported similar rater
agreement values (e.g., an ICC of .80; Barbaree et al., 2001). Thus, nothing in the
available research suggests that trained raters cannot achieve adequate levels of
interrater agreement on ARAIs such as the STATIC-99 and the MnSOST–R
(Doren, 2006).

Rater Agreement in Adversarial Legal Proceedings

Strong rater agreement values in research contexts are important because
these demonstrate that clinicians can consider the same case information and
similarly score an instrument. Strong rater agreement values in adversarial legal
proceedings are perhaps even more important because these demonstrate whether
clinicians indeed do consider the same case information and similarly score an
instrument when doing so has important consequences. So how strong is rater
agreement when evaluations are conducted to provide information for adversarial
legal proceedings? Levenson (2004b) examined SVP evaluation reports in Florida
for offenders who had been evaluated twice by petitioner-retained evaluators. She
identified 281 offenders with two STATIC-99 scores, 224 with two MnSOST–R
scores, and 69 with two PCL–R scores. The ICC for absolute agreement was .85
for both the STATIC-99 and the MnSOST–R, and it was .84 for the PCL–R.
Levenson’s findings suggest a high level of agreement in the field when evaluators
work on the same side of the case.

Only one published study has addressed rater agreement on a forensic
assessment instrument as scored by opposing evaluators in adversarial legal
proceedings (Murrie, Boccaccini, Johnson, & Janke, 2008). This study addressed
Hare’s (1991, 2003) PCL–R, a measure widely used in forensic assessments of
risk for violence and sexual violence (see, e.g., DeMatteo & Edens, 2006). This
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clinician-administered measure relies on clinical interview and review of records.
Clinicians score the measure by assigning a 0, 1, or 2 to each of 20 items.
Although the PCL–R scoring manual provides specific guidance for scoring, there
remains room for some subjectivity (Campbell, 2006) or inference (Hare, 2003),
particularly on items addressing the offender’s interpersonal and emotional style
(e.g., superficial charm, lack of remorse).

Researchers (Murrie et al., 2008) examined 23 SVP trials in which opposing
evaluators reported PCL–R total scores for the same individual. For the PCL–R
total score, the single-evaluator ICC for absolute agreement was .39, which was
well below the strong levels of agreement observed for the PCL–R in research
contexts (usually above .85), the ICC of .84 reported by Levenson (2004b) for
SVP evaluations performed for the same side, and published test–retest values for
the PCL–R (approximately .60 over a 2-year period; Rutherford, Cacciola,
Alternman, McKay, & Cook, 1999).

On average, there was a 7.81-point (SD � 6.85) difference in scores from
opposing evaluators. Considering score differences with respect to the standard
error of measurement (SEM; approximately �3 points for the PCL–R), difference
scores were greater than 2 SEMs (i.e., �6.0) for 61% of the cases. Finally, score
differences were usually in a direction that supported the party who retained their
services. In other words, scores from the petitioner (prosecution) evaluator tended
to be higher than scores from the respondent (defense) evaluator (Cohen’s d �
1.03; Murrie et al., 2008). After examining several other potential explanatory
factors—and finding that none were sufficient to account for the results—these
score differences appeared best attributed to adversarial allegiance, or the pull for
forensic evaluators in adversarial proceedings to reach opinions that support the
party who retained them.

Although results from the study of opposing PCL–R scores in SVP trials
reflect only a small sample of instrument scores from one type of forensic
evaluation in one state, the study results raise provocative questions. For example,
results heighten concerns about ethical practice and the evidentiary value of the
PCL–R as administered by privately retained evaluators. For reasons related to
both science and SVP policy, we might also wonder whether the influence of
adversarial allegiance extends to other clinical decisions that involve some degree
of subjective clinician judgment (e.g., diagnosis) or to other assessment instru-
ments that presumably involve less subjective judgment in scoring.

Therefore, an important second step in investigating adversarial allegiance is
to examine scores from opposing evaluators on the sex-offender-specific ARAIs.
These instruments are often used to “screen in” or “screen out” offenders as
suitable for further consideration under SVP civil commitment statutes (Va. Code.
Ann. § 37.2-903), they appear to influence whom evaluators recommend for SVP
civil commitment (Levenson, 2004a), and they are usually presented at SVP trials
by expert witnesses. Therefore, a finding that scores on the ARAIs were influ-
enced by the party who retained the evaluator would raise both ethical and
practical questions.

However, there are several reasons why ARAIs such as the STATIC-99 and
MnSOST–R may be less vulnerable than the PCL–R to any effects of adversarial
allegiance. For example, because the PCL–R requires an interview—which is
structured but allows some room for evaluator differences—it is conceivable that
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evaluators may seek or elicit information differently, depending on whether they
are retained by prosecution or defense. Conversely, the examinee might behave
differently with a defense-retained evaluator versus a prosecution-retained eval-
uator, thereby contributing to the score differences reported by opposing evalu-
ators. However, for ARAIs scored primarily from records, this possibility is less
likely.

Probably more important is that the PCL–R includes several items (e.g.,
superficial charm, dishonesty, lack of empathy) that require an evaluator to draw
inferences from an offender’s behavior during an interview. These inferences,
which inevitably involve some subjective judgment, might be subtly influenced by
adversarial allegiance, as well as by other evaluator biases or idiosyncrasies (see
Boccaccini, Turner, & Murrie, 2008).

In contrast to the PCL–R, the STATIC-99 and MnSOST–R primarily involve
coding straightforward demographic and historical information (e.g., age, prior
offense data) available through records alone. Indeed, both measures were devel-
oped by examining groups of known recidivists and nonrecidivists and coding
information typically available from correctional records. The measures are often
completed by correctional staff and do not require a clinical interview (although
interviews are acceptable as additions to record review). For many of the items on
these actuarial measures (e.g., age, offense victims), there seems to be little room
for evaluators to disagree.

Purpose of the Present Study

We examined rater agreement for the STATIC-99 and the MnSOST–R, as
administered by opposing evaluators in SVP proceedings. As in the study of
PCL–R scores (Murrie et al., 2008), if we were to find that evaluators demon-
strated rater agreement on the STATIC-99 and MnSOST–R that was similar to
rater agreement in the research literature, we would suspect that actuarial risk
measures are relatively immune to any influence of adversarial allegiance. If we
were to find rater agreement values poorer than those reported in the literature yet
observe score differences that were unsystematic, we would suspect a general
lessening in rater agreement from research to real-world settings. Finally, if we
were to find poorer rater agreement values than those reported in the literature and
observe scores that systematically differed in a direction consistent with the
opposing sides that retained the evaluators (i.e., petitioner’s experts reported
higher scores, whereas respondent’s experts reported lower scores), we would
suspect that adversarial allegiance played some part in the poorer rater agreement.

A second goal of examining rater agreement values for the STATIC-99 and
MnSOST–R in SVP proceedings was to compare whether these measures reveal
rater (dis)agreement values similar to those Murrie et al. (2008) reported for the
PCL–R. We have supplemented the Murrie et al. (2008) PCL–R data with scores
from more recent depositions and trials, which provided 12 new sets of opposing
PCL–R scores, for a total of 35 cases with opposing scores. We report PCL–R
findings from this larger sample here, which allows us to view rater agreement
values for ARAIs alongside rater agreement values for the interview-based
PCL–R. Had we sampled from another jurisdiction or another type of trial, it
would not be clear whether differences in rater agreement for the PCL–R versus
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the actuarial measures were attributable to differences in the instruments them-
selves or to differences in the context from which we sampled. Examining these
three popular risk measures (i.e., the STATIC-99, the MnSOST–R, and the
PCL–R) as administered in the same “population” of SVP trials allows us to better
compare the degree to which each appears vulnerable to the effects of adversarial
allegiance under the same circumstances.

If we were to find that rater agreement on ARAIs appears stronger in
adversarial legal contexts than rater agreement for the PCL–R, this finding might
suggest that relying on highly structured measures (i.e., those that minimize the
role of interview and clinical inference) could reduce the influence of adversarial
allegiance in forensic evaluation. However, if we were to find that opposing
evaluators show poor rater agreement on highly structured actuarial measures
also, this finding would suggest that structured assessment measures alone are not
enough to minimize the influence of adversarial allegiance in forensic evaluation.
To better facilitate these comparisons between the ARAIs and the PCL–R, we
present updated analyses of PCL–R rater agreement, including the recent cases.
We also conducted additional analyses using a generalizability theory framework
to quantify the amount of variance in risk scores that was attributable to the side
that retained the evaluator, as opposed the offenders being evaluated. In most
studies, researchers assume that any variance in scores not captured by the rater
agreement coefficient (ICC) is random error, which usually is not true. In this
study, we used generalizability theory to quantify the proportion of variance in
scores that was attributable to the side for which the evaluation was performed
(petitioner or respondent).

Method

Context for the Present Study

Civil commitment proceedings for offenders facing commitment as SVPs
provided the opportunity to examine scores from risk measures (i.e., the STATIC-
99, MnSOST–R, and PCL–R) as administered by opposing evaluators in adver-
sarial legal proceedings. In Texas, SVP procedures begin when a multidisci-
plinary team (MDT) receives notice that a sexual offender is within 16 months of
scheduled release. The MDT determines whether the inmate has two qualifying
sexual offenses and may then refer the inmate to the “the department,” featuring
representatives from state criminal justice and mental health agencies who com-
mission an assessment for behavioral abnormality. These commissioned assess-
ments occur on a contract basis with independent (i.e., not current employees of
the correctional system) doctoral-level evaluators. To establish such a contract,
evaluators must demonstrate relevant experience and training with sexual of-
fender assessment and/or treatment, as well as qualification to administer popular
risk measures (i.e., the STATIC-99, MnSOST–R, and the PCL–R). Contracted
assessment reports typically describe a review of records, clinical interviews, a
review of risk factors, and an overall risk estimate (see Amenta, 2005).

After the department reviews a completed, contracted evaluation, department
staff decide whether the offender manifests a behavioral abnormality (typically
pedophilia, another paraphilia, antisocial personality disorder, or psychopathy;
Amenta, 2005). If so, they refer the offender to the Special Prosecution Unit, Civil
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Division (SPU), which has typically had the resources to select approximately 15
offenders per year (about one fifth of the cases they review) for whom to initiate
civil commitment proceedings. Again, the evaluations on which many of the
decisions up to this point are based are not solicited directly by the petitioner2 for
purposes of trial. They are third-party evaluations that the state department of
corrections used to screen possible candidates for referral to the SPU for potential
civil commitment. However, evaluators understand that their evaluations and
expert testimony may be required for those cases that proceed to trial. Evaluators
probably also understand that the SPU considers the original evaluator’s report as
one source of data when deciding which offenders to pursue for civil commitment.
During eventual civil commitment proceedings, it is the petitioner who calls the
original evaluator to serve as a witness, and the petitioner uses the report from this
evaluator as evidence in support of civil commitment. As the case moves toward
trial, the petitioner sometimes retains additional expert evaluators (e.g., a psychi-
atrist or psychologist) who may perform another evaluation. Therefore, in some
trials, the petitioner calls more than one expert to testify and may have more than
one set of evaluation data (including scores from ARAIs).

Once the petitioner gives notice that they are initiating civil commitment
proceedings against a particular inmate, the inmate (now considered a respon-
dent in the civil commitment proceedings) secures defense counsel, which is
almost always through a state-sponsored agency offering legal defense for
indigent inmates. The defense counsel for the respondent typically arranges for
a second-opinion evaluation by a mental health professional. Often, as in many
legal contexts, defense counsel may invite more than one evaluator to review case
materials and offer preliminary opinions before hiring an evaluator for the full
evaluation. The resulting evaluations are defense evaluations in that the evaluators
were retained by the respondent for the purpose of defending against civil
commitment. Unlike the original evaluations, which always result in a written
report, the respondent’s evaluators rarely produce a written report. Rather, the
evaluator usually presents findings (including ARAI scores) only in deposition
and trial testimony. It is important to emphasize that both the original evaluator
and the respondent-retained evaluator have access to essentially the same collat-
eral materials. Both receive the same case file of correctional and law enforcement
records, often including STATIC-99 and MnSOST–R protocols scored by cor-
rectional staff.

Data Sources

In November 2007, we collected offender information and risk scores from
three types of documents. First, the SPU allowed access to its files for each
offender they had pursued for civil commitment (N � 72). Each of these files
contained transcripts of depositions from expert witnesses who had evaluated the
offender. Second, we received permission to search a database of case information
and risk scores for all offenders who had been referred to the SPU between
September 1999 and September 2006, when the SPU stopped using this database.

2 In civil commitment proceedings, petitioner is roughly analogous to prosecution and respon-
dent is roughly analogous to defense.
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This database contained STAIC-99, MnSOST–R, and PCL–R total scores from
the initial petitioner evaluator for 64 of the 72 offenders. Finally, we reviewed
trial transcripts provided by the SPU. Trial transcripts were only available for
cases in which the committed offenders had filed an appeal (41 of 72 offenders).

Offender Sample

Of the 72 offenders pursued for commitment by the SPU, 80.6% (n � 58)
were civilly committed by a jury, 6.9% (n � 5) opted for a bench trial and were
civilly committed by a judge, and 8.3% (n � 6) did not go to trial because they
agreed to the conditions of civil commitment. Risk scores were also available for
the only offender (1.4%) who was found by a jury to not meet civil commitment
and for 2 offenders (2.8%) whom the SPU began pursuing for commitment but
then stopped proceedings. Offenders were all male and identified as Caucasian
(n � 42, 58.3%), Hispanic (n � 16, 22.2%), or African American (n � 14,
19.4%).

The Results section provides detailed information about the extent to which
instrument scores were available for offenders, including when offenders had
multiple scores for the same instrument from opposing or nonopposing evaluators.
Overall, 38 (52.8%) of the offenders had scores from both petitioner and respon-
dent evaluators for at least one instrument. There were 23 (31.9%) offenders who
had opposing evaluator scores for all three measures. Three offenders had oppos-
ing evaluator scores for the STATIC-99 and MnSOST–R only, 1 had opposing
evaluator scores for the PCL–R and STATIC-99 only, 1 had opposing evaluator
scores for the PCL–R and MnSOST–R only, and 10 had opposing evaluator
scores for the PCL–R only.

Evaluator Sample

Twenty-one evaluators provided at least one risk measure score for 1 of the
72 offenders. All evaluators in the sample had a doctoral degree; 20 had degrees
in psychology and 1 had an MD. Fifteen evaluators performed evaluations for the
state; they performed from 1 to 19 each, with a mean of 5.67 (SD � 6.30)
evaluators. Ten different evaluators performed evaluations for the respondent;
they performed 1 to 16 each, with a mean of 5.10 (SD � 5.02) evaluators. Only
4 evaluators provided at least one evaluation for both the petitioner and respondent.

Measures

MnSOST–R. The MnSOST–R (Epperson et al., 1998) was developed in
collaboration with the Minnesota Department of Corrections to assess risk for
sexual reoffense among men who committed at least one sexual offense against an
unrelated victim. The measure includes 16 items; 12 are scored on the basis of
historical information typically available through files, and 4 are coded using
information related to the offender’s incarceration for his index offense. The
instrument yields a score that can range from �14 to 30 and falls within one of
three risk levels (Epperson et al., 2003), although some have also examined an
arrangement with six risk levels (Barbaree et al., 2001). Hanson and Morton-
Bourgon (2007) examined the MnSOST–R in their recent analysis of sexual
recidivism prediction and found fairly strong predictive validity (mean Cohen’s
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d � 0.72; eight studies). However, others have emphasized limitations of the
MnSOST–R, including problems with item selection and poor performance in
samples with low base rates of reoffending (Vrieze & Grove, 2008; Wollert, 2002,
2003). Regarding interrater reliability in research settings, Epperson et al. (2003)
reported ICC values (absolute agreement, single rating) from .76 to .86. However,
there is no available research documenting interrater agreement in adversarial
legal contexts.

STATIC-99. The STATIC-99 (Hanson & Thornton, 2003) is an actuarial
risk measure comprising 10 items, most of which are risk factors that can be
scored as present or absent. Total scores can range from 0 to 12, so that
individuals are assigned to one of seven risk categories ranging from 0 (lowest
risk) to �6 (highest risk). In a document created for the Canadian government,
Hanson and Morton-Bourgon (2007) reported that, across more than 40 studies,
STATIC-99 scores were moderately strong predictors of sexual recidivism spe-
cifically (mean Cohen’s d � 0.70; 42 studies) and of violent recidivism (sexual or
nonsexual) generally (mean Cohen’s d � 0.58; 25 studies). A more recent
meta-analysis of published studies found a similar overall effect for the STATIC-
99, although effects from STATIC-99 authors tended to be larger than those from
other researchers (Blair, Marcus, & Boccaccini, 2008). Regarding interrater
reliability, researchers have reported ICCs of .85 to .90 (e.g., Barbaree et al.,
2001; Hanson, 2001; Harris, Rice, et al., 2003). As with the MnSOST–R, we
could find no research documenting interrater agreement in adversarial legal
contexts.

PCL–R. The PCL–R (Hare, 1991, 2003) is a 20-item checklist that requires
a review of records and a structured interview to complete. The rater assigns a
score of 0 (not present), 1 (possibly present), or 2 (definitely present) to quantify
the degree to which the interviewee manifests particular psychopathy criteria.
Large-scale meta-analyses support the PCL–R’s predictive relationship to a
variety of antisocial behaviors (Leistico, Salekin, DeCoster, & Rogers, 2008), and
sexual reoffense in particular (mean d of 0.25 in Hanson & Morton-Bourgon,
2005). Within research contexts, reliability values for the PCL–R are generally
quite strong. The test manual (Hare, 2003) reports interrater reliability values for
a single evaluator, ICC(1), ranging from .86 for male inmates to .88 for male
forensic psychiatric patients.

Results

MnSOST–R

Of the 72 offenders, 49 had one MnSOST–R score from a petitioner expert,
17 had two MnSOST–R scores from petitioner experts, and 6 had no MnSOST–R
score from a petitioner expert. A total of 27 cases had at least one MnSOST–R
score from a petitioner expert and a respondent expert. Twenty-one offenders had
one MnSOST–R score from a respondent expert, 6 had two MnSOST–R scores
from respondent experts, and 45 had no MnSOST–R score from a respondent
expert. There were 3 offenders who had MnSOST–R scores from two petitioner
and two respondent experts.

Agreement between evaluators on the same side of the case. Table 1
provides rater agreement statistics for cases in which two evaluators working on
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the same side of the case reported separate MnSOST–R scores. The single-
evaluator, absolute agreement ICC(A,1) was in the moderate-to-poor range for the
17 cases with multiple-petitioner MnSOST–R scores, ICC(A,1) � .63, and
extremely low for the six cases with two respondent scores, ICC(A,1) � .00. The
average difference in scores for evaluators on the same side of the case was 2.59
for petitioner experts and 4.00 for respondent experts. The largest difference
between petitioner experts was 13.00 points, although 6 of 17 cases featured
perfect agreement between evaluators. The largest difference between respondent
experts was 8.00 points, with perfect agreement in none of the cases.

Minimum, maximum, and average discrepancy datasets. Of the 27 cases
with MnSOST–R scores from both petitioner and respondent experts, 8 had two
petitioner MnSOST–R scores and 6 had two respondent MnSOST–R scores.
There were three cases with two petitioner and two respondent MnSOST–R
scores. Thus, 11 of these 27 cases had at least three MnSOST–R scores for the
same offender. We considered three strategies for collapsing these data so that we
could calculate agreement using all 27 offenders, with one petitioner score and
one respondent score per offender. First, we selected the pair of scores (one state,
one respondent) that would result in the smallest absolute difference between the
two scores (minimum discrepancy). Second, we selected the pair of scores that
would result in the largest absolute difference between the two scores (maximum
discrepancy). Third, we used the average of the two scores from the same side for
all cases with two scores per side (average discrepancy).

We present agreement analysis results separately for each of these three
approaches to examining discrepancy. Our rationale for reporting effects for these
three approaches was that no one approach can be singled out as providing the
most representative measure of agreement on the instrument. Although the aver-
age discrepancy approach may appear to be the least biased, it is also the least
ecologically valid. In reality, results from multiple evaluators are never combined

Table 1
Rater Agreement for Risk Scores When Two Evaluators From the Same Side of
the Case Provide Separate Scores for the Same Offender

Measure and side n ICC(A,1)

95% Confidence Mean difference
(and SD)aLower Upper

MnSOST–R
Petitioner 17 .63 .24 .85 2.59 (3.54)
Respondent 6 .00 �.99 .78 4.00 (2.97)

STATIC-99
Petitioner 15 .84 .60 .95 0.53 (0.83)
Respondent 6 .95 .74 .99 0.17 (0.41)

PCL–R
Petitioner 13 .24 �.38 .69 6.37 (5.90)
Respondent 7 .88 .46 .98 2.57 (1.40)

Note. ICC(A,1) � intraclass correlation coefficient for a absolute agreement for a single
rater; MnSOST–R � Minnesota Sex Offender Sex Offender Screening Tool—Revised;
PCL–R � Psychopathy Checklist—Revised.
a Mean difference scores based on the absolute value of the difference in scores between
the two raters.
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in court to produce a single averaged score. The minimum and maximum dataset
analyses provide lower and upper limits for agreement in the dataset, with the
average discrepancy values falling in between.

Agreement between opposing evaluators: Mean scores. Our first approach
for examining rater agreement was to consider whether there was a statistically
significant difference in MnSOST–R scores from petitioner and respondent ex-
perts in the 27 cases with opposing scores. Results from these analyses are
summarized in Table 2. MnSOST–R scores from petitioner experts were signif-
icantly higher than those from respondent experts, regardless of how we handled
cases with multiple scores from experts on the same side of the case. Effect sizes
(Cohen’s d) for these comparisons tended to be in the moderate to strong range
(ds � 0.70 to 0.95) and in the direction expected by adversarial allegiance (higher
scores from petitioner experts and lower scores from respondent-retained experts).

Agreement between opposing evaluators: Difference scores. Our second
approach for examining rater agreement was to consider whether scores from
petitioner and respondent experts tended to differ to a greater extent that we would
expect according to the SEM. We calculated a difference score for each offender
by subtracting the respondent expert’s score from the petitioner expert’s score.
Difference scores with a positive value indicated that the petitioner expert as-
signed a higher MnSOST–R score, whereas a negative score indicated that the
respondent’s expert assigned a higher score.

Assuming a normal distribution, approximately 98% of difference scores
between two evaluators should fall within 2 SEMs of one another. Although
difference scores greater than 2 SEMs apart should be unusual, they might be

Table 2
Difference in Risk Measure Scores From State and Respondent Experts

Measure and sample

M (and SD) for:

t Cohen’s dPetitioner Respondent

MnSOST–R (n � 27)
Minimum discrepancy 8.00 (4.32) 5.81 (3.90) 4.05�� 0.70
Maximum discrepancy 9.10 (4.57) 4.93 (4.25) 5.14�� 0.95
Average discrepancy 8.90 (4.32) 5.37 (3.94) 4.97�� 0.85

STATIC-99 (n � 27)
Minimum discrepancy 4.74 (1.29) 4.30 (1.70) 1.85 0.29
Maximum discrepancy 4.85 (1.43) 4.25 (1.73) 2.21� 0.37
Average discrepancy 4.80 (1.33) 4.28 (1.71) 2.09� 0.34

PCL–R (n � 35)
Minimum discrepancy 23.61 (80.8) 18.63 (6.49) 4.05�� 0.68
Maximum discrepancy 24.89 (9.01) 18.29 (6.65) 5.08�� 0.83
Average discrepancy 24.25 (8.23) 18.46 (6.54) 4.83�� 0.78

Note. Minimum, maximum, and average discrepancies refer to how the discrepancy
score was calculated when multiple scores were assigned and two scores were available
from the same side of the case. Degrees of freedom for paired samples t tests are as
follows: PCL–R � 34, STATIC-99 � 26, and MnSOST–R � 26. Cohen’s ds for paired
samples t tests were calculated using procedures recommended by Dunlap, Cortina,
Vaslow, and Burke (1996). MnSOST–R � Minnesota Sex Offender Sex Offender
Screening Tool—Revised; PCL–R � Psychopathy Checklist—Revised.
� p � .05. �� p � .01.
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tolerable if about half reflected higher scores from the respondent and half
reflected higher scores from the petitioner. However, a consistent pattern of
difference scores greater than 2 SEMs, and in the same direction, would suggest
adversarial allegiance.

The MnSOST–R technical manual does not report an SEM value for the
measure’s total score. Moreover, the manual does not report a standard deviation
for the total score, making it impossible to calculate an SEM value from the
manual. However, Langton et al. (2007) reported both a rater agreement coeffi-
cient (.83) and standard deviation value (5.60) for the MnSOST–R total score in
a sample of more than 350 offenders. We used these values to calculate an SEM
of 2.30 for the MnSOST–R total score. We then examined the extent to which the
scores from petitioner and respondent experts differed by more than 2 SEM units
(4.60).

Using the dataset of minimum discrepancy scores, we found that the mean
difference score was 2.89 (SD � 3.70), with values ranging from �3.00 to 10.00.
Of the 27 difference scores, 10 (37.0%) were greater than 2 SEM units apart in the
direction of adversarial allegiance, and none were greater than 2 SEM units in the
opposite direction. Using the dataset of maximum discrepancy scores, we found
that the mean difference score was 4.18 (SD � 4.23), with values ranging from
�4.00 to 11.40. Of the 27 difference scores, more than half (n � 14; 51.8%) were
2 or more SEM units apart in the direction of adversarial allegiance, and none
were greater than 2 SEM units in the opposite direction. With the dataset of
average discrepancy scores, the mean difference score was 3.53 (SD � 3.69), with
values ranging from �3.00 to 10.5. Of the 27 difference scores, 11 (40.7%) were
2 or more SEM units apart in the direction of adversarial allegiance, and none
were greater than 2 SEM units in the opposite direction.

Agreement between opposing evaluators: ICCs. ICCs are the most com-
monly used metric for describing rater agreement from risk measures. When there
are two risk scores for each offender, the ICC is the proportion of variance in the
set of scores that is attributable to the people being evaluated. The remaining
variance is considered to be error. In most studies, researchers assume that all of
this error variance is due to random error, which usually is not true. In the present
study, it is possible to quantify the proportion of variance that is attributable to the
side for which the evaluation was performed (state or respondent). Specifically,
we were able to use generalizability theory analyses (see Brennan, 2001; Shalv-
erson & Webb, 1991) to quantify three sources of variance in our set of Mn-
SOST–R scores: variance attributable to the individual being evaluated (ICC), to
the side for which the evaluator was retained, and to other (nonspecified) sources
of error.

Researchers can calculate different ICCs depending on whether the researcher
is interested in absolute agreement or consensus agreement (see McGraw &
Wong, 1996). Coefficients for consensus are only concerned with covariation in
scores. Consensus coefficients consider whether the evaluators generally agree
about who warrants higher scores and who warrants lower scores, but the absolute
values of the scores do not matter. Therefore, an evaluator who assigned a
MnSOST–R score of 0 to Offender A and 5 to Offender B would show a high
level of consensus agreement with an evaluator who assigned a MnSOST–R score
of 10 to Offender A and 15 to Offender B, although these two evaluators assigned
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very different scores to the same offender. Coefficients for absolute agreement
consider both covariation and the specific value of the test score to be important
for gauging agreement.3 Differences in the specific value of the score are con-
sidered to be error in the calculation of absolute agreement coefficients. It is
important to use the absolute agreement coefficients when measuring rater agree-
ment on risk measures, because differences in specific scores become important
in court (Murrie et al., 2008). Specific scores (or ranges of scores) from actuarial
measures are used to identify the probability of an offender reoffending. A score
difference of 1 point may have important practical results. For example, the
offender may be screened in or out in systems that use specific cutoff scores for
civil commitment screening approaches (e.g., Va. Code. Ann. § 37.2-903), or an
evaluator may report to court a different level of risk and a different probability
of reoffending, on the basis of a 1-point score difference.

ICCs can also be calculated for a single rater or for multiple raters. However,
the multiple-rater ICC is only appropriate when scores from all evaluators are
averaged or combined together for decision-making purposes. In court, scores
from multiple evaluators are not presented to the decision maker as an average,
especially when scores come from opposing evaluators. Thus, the ICCs reported
in this study are for absolute agreement and a single rater, ICC(A,1).

We used the SPSS 15 VARCOMP procedure to estimate the proportion of
variance in opposing MnSOST–R scores that was attributable to the offender, the
side for which the evaluator performed the evaluation, and for other sources of
error. Both offenders and evaluators were treated as random effects in the analysis
of variance model that was used to estimate the variance components.4 The ICC
calculated using this method is identical to the ICC reported by SPSS under scale
analysis. The advantage of the VARCOMP approach is that it also allows for
calculating the effects for other sources of variance.

Results from the generalizability theory analyses are summarized in Table 3.
ICCs(A,1) ranged from .38 to .48 for the MnSOST–R. These values indicate that
less than half of the variance in the set of MnSOST–R scores could be attributed
to the offenders’ true level of risk as measured by the MnSOST–R.5

Of the remaining variance, anywhere from 19% to 30% was attributable to the
side for which the evaluation was performed. In the maximum discrepancy
dataset, nearly as much variance was attributable to the side for which the

3 The coefficient calculated for absolute agreement is often referred to as the index of
dependability in generalizability theory analyses (Brennan, 2001), although it is often reported as an
ICC (e.g., in SPSS).

4 The side for which the evaluation was performed could be treated as a random or fixed effect
in the generalizability theory analyses. The ICCs calculated by SPSS for a two-way random effects
model and a two-way mixed effects model are identical; what differs is how the coefficient is
interpreted (Norusis, 2003). Our reasons for treating evaluators as a random effect were (a) to ensure
that evaluator differences were considered to be error and (b) because there are other types of
adversarial situations to which these findings may apply, such as those involving true prosecution
experts, court-appointed experts, or treating experts.

5 We use the term true score here for convenience, but we point out that ICCs are perhaps best
understood in a generalizability theory framework, which focuses on universe scores, as opposed to
a more restrictive classical test theory approach, which focuses on true scores (see Brennan, 2001;
Shalverson & Webb, 1991; Shalverson, Webb, & Rowley, 1989).
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evaluation was performed (30%) as was attributable to the offender’s risk level,
as measured by the instrument (38%). Finally, anywhere from 30% to 33% of the
variance in scores was attributable to unmeasured or random sources of error.
Unexplained variance is provided in the analyses through an interaction term
(Person � Evaluator). This variance can be thought of as a combination of
systematic error variance that cannot be estimated because of the study design
(e.g., variance attributable to individual psychologist) and random measurement
error. Factors contributing to this value could be differences among the individual
evaluators (e.g., training, experience, or methods of interpreting data from
records), variability in the information available to score the measure (although
this possibility is unlikely in our sample, in which both petitioner and respondent
evaluators receive the same record base to review), or other sources of systematic
or random measurement error.

Do selection effects account for low levels of agreement in cases with
opposing scores? The fact that only 27 of the 72 offenders had opposing
MnSOST–R scores raises concerns about the representativeness of those 27
offenders. One possible explanation for the low levels of agreement that we
observed might be that these 27 cases were the ones in which the initial petitioner
evaluation scores were unusually high. Did respondent-retained evaluators per-
haps only administer the MnSOST–R evaluation when they perceived that the
score from the petitioner’s evaluator was excessively high? Because most of the
72 offenders had an initial petitioner MnSOST–R score, it was possible to
examine this potential explanation by comparing the petitioner evaluator
MnSOST–R scores for offenders who did and did not have a respondent

Table 3
Intraclass Correlations (ICCs) for Opposing Evaluator Risk Scores and the
Proportion of Variance Attributable to Adversarial Allegiance

Measure and sample ICC(A,1)

Proportion of variance (%) attributable to:

Offender Side of case Other error

MnSOST–R (n � 27)
Minimum discrepancy .48 48 19 33
Maximum discrepancy .38 38 30 32
Average discrepancy .44 44 26 30

STATIC-99 (n � 27)
Minimum discrepancy .64 64 3 33
Maximum discrepancy .58 58 5 37
Average discrepancy .62 62 4 34

PCL–R (n � 35)
Minimum discrepancy .42 42 18 40
Maximum discrepancy .40 40 25 35
Average discrepancy .42 42 23 35

Note. ICC(A,1) � intraclass correlation coefficient for a single rater and absolute
agreement (see McGraw & Wong, 1996). Minimum, maximum, and average discrepan-
cies refer to how the score was assigned when multiple scores were assigned and two
scores were available for the same side of the case. MnSOST–R � Minnesota Sex
Offender Sex Offender Screening Tool—Revised; PCL–R � Psychopathy Checklist—
Revised.
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MnSOST–R scores. If the 27 offenders represented a select group of offenders
with unusually high MnSOST–R scores, then petitioner MnSOST–R scores
should be higher for those who underwent a respondent evaluation compared with
those who did not.

Independent samples t tests revealed statistically significant differences in
MnSOST–R scores, but in the opposite direction of the pattern expected. The 27
offenders with both petitioner and respondent MnSOST–R scores had signifi-
cantly lower MnSOST–R scores from the initial petitioner evaluators than did the
39 offenders without a respondent evaluation. This finding applied to all three sets
of discrepancy scores: For minimum discrepancy, t(64) � 1.91, p � .06, d �
0.51; for maximum discrepancy, t(64) � 2.15, p � .04, d � 0.54; and for average
discrepancy, t(64) � 2.11, p � .04, d � 0.53. Thus, it seems unlikely that
selection effects (i.e., unusually high MnSOST–R scores from original petitioner
evaluators) accounted for the score differences we observed between opposing
evaluators.

STATIC-99

Of the 72 offenders, 51 had one STATIC-99 score from a petitioner expert,
15 had two STATIC-99 scores from petitioner experts, and 6 had no STATIC-99
score from a petitioner expert. A total of 27 cases had at least one STATIC-99
score from a petitioner expert and a respondent expert. Twenty-one offenders had
one STATIC-99 score from a respondent expert, 6 had two STATIC-99 scores
from respondent experts, and 45 had no STATIC-99 score from a respondent
expert. Two offenders had STATIC-99 scores from two petitioner and two
respondent experts.

Agreement between evaluators on the same side of the case. Table 1
provides rater agreement statistics for cases in which two evaluators working
on the same side of the case reported separate STATIC-99 scores. ICC(A,1)
was strong between the two experts on the same side of the case for the 15
cases with two petitioner expert scores (.84) and 6 cases with two respondent
expert scores (.95). The average difference in STATIC-99 scores for evalua-
tors on the same side of the case was well below 1 point (.53 for petitioner
experts, .17 for respondent experts). The largest difference between petitioner
experts was 3.00 points, with perfect agreement in 9 of 12 cases. The largest
difference between respondent experts was 1 point, with perfect agreement in
the other five cases.

Agreement between opposing evaluators: Mean scores. Table 2 reports the
results of paired-samples t tests examining whether there was a statistically
significant difference in STATIC-99 scores from petitioner and respondent ex-
perts in the 27 cases with opposing scores. As with the MnSOST–R, we con-
ducted analyses using separate sets of minimum, maximum, and average discrep-
ancy scores for cases in which two STATIC-99 scores were available from
experts on the same side of the case. Results from these analyses are summarized
in Table 2. Across the 27 cases, differences scores tended to be in the direction
expected by adversarial allegiance (higher scores from petitioner experts), but
these differences were only moderate in size (Cohen’s d range � .29 to .37) and
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were only large enough to reach statistical significance in the maximum and
average discrepancy datasets.

Agreement between opposing evaluators: Difference scores. Although the
STATIC-99 authors do not report the SEM for the measure, they do report
rater agreement coefficients and standard deviation values, which can be used
to calculate an SEM value. Harris, Phenix, Hanson, and Thorton (2003;
revised scoring procedures) reported an ICC of .87 for the STATIC-99 total
score. Hanson and Thorton (2003; the STATIC-2002 report) reported that the
standard deviation for the STATIC-99 across nine samples and more than
2,000 offenders is 1.9. With these two values, the SEM for the STATIC-99
total score is 0.68 points. We then examined the extent to which the scores
from petitioner and respondent experts differed by more than 2 SEM units
(1.37). We calculated a difference score for each offender by subtracting the
respondent expert’s score from the petitioner expert’s score. Difference scores
with a positive value indicated that the petitioner expert assigned a higher
STATIC-99 score, whereas a negative score indicated that the respondent’s
expert assigned a higher score.

With the minimum discrepancy scores, we found that the mean difference
score was 0.44 (SD � 1.25), with values ranging from �3.00 to 4.00. Of the 27
difference scores, 4 (14.8%) were greater than 2 SEM units apart in the direction
of adversarial bias, and only 1 (3.7%) was greater than 2 SEM units in the opposite
direction (score of �3.00). Using maximum discrepancy scores, we found a mean
difference score of 0.59 (SD � 1.39), with values ranging from �3.00 to 4.00. Of
the 27 difference scores, 5 (18.5%) were greater than 2 SEM units apart in the
direction of adversarial allegiance, and only 1 was greater than 2 SEM units in the
opposite direction. Using the average discrepancy scores, we found a mean
difference score of 0.52 (SD � 1.29), with values ranging from �3.00 to 4.00. Of
the 27 difference scores, 4 (14.8%) were greater than 2 SEM units apart in the
direction of adversarial bias, and only 1 was greater than 2 SEM units in the
opposite direction.

Agreement between opposing evaluators: ICCs. ICC(A,1) was in the .60
range for the STATIC-99, regardless of how we dealt with cases in which there
were multiple scores from evaluators on the same side of the case. These values
indicate that slightly more than half of the variance in the set of STATIC-99
scores could be attributed to the offenders’ true level of risk as measured by the
STATIC-99. In contrast to the other measure we examined, only 3% to 5% of the
variance in STATIC-99 scores was attributable to the side for which the evalu-
ation was performed. Finally, 33% to 37% of the variance in scores was attrib-
utable to other sources of error.

Do selection effects account for low levels of agreement in cases with
opposing scores? As in the analyses of the MnSOST–R, we considered the
possibility that the 27 cases for which we had opposing scores might systemati-
cally differ from the other cases in which opposing scores were not available.
Perhaps respondent-retained evaluators only administered the STATIC-99 when
they suspected that the score reported by the petitioner-retained evaluator was
inappropriately high.

Therefore, we used independent samples t tests to compare the initial peti-
tioner STATIC-99 scores for offenders who did have a STATIC-99 score from a
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respondent expert to those that did not have a STATIC-99 score from a respon-
dent expert. As with the MnSOST–R, findings from the independent samples t
tests revealed that the 27 offenders with both a petitioner and a respondent
STATIC-99 score had significantly lower STATIC-99 scores from the initial
petitioner evaluators than the 39 offenders without a respondent evaluation. This
finding applied to all three sets of discrepancy scores: For minimum discrepancy,
t(64) � 2.38, p � .02, d � 0.59; for maximum discrepancy, t(64) � 2.40, p � .02,
d � 0.60; and for average discrepancy, t(64) � 2.43, p � .02, d � 0.61. In other
words, there was no evidence to support the hypothesis that rater disagreement
between opposing evaluators was due to a selection effect in which respondent
evaluators administered the STATIC-99 because the petitioner evaluator’s score
appeared unusually high.

PCL–R

Of the 72 offenders, 55 had one PCL–R score from a petitioner expert, 13 had
two PCL–R scores from petitioner experts, and 4 had no PCL–R score from a
petitioner expert. A total of 35 cases had at least one PCL–R score from a
petitioner expert and a respondent expert. Thirty offenders had one PCL–R score
from a respondent expert, 7 had two PCL–R scores from respondent experts, and
35 had no PCL–R score from a respondent expert. No case had two PCL–R scores
from both petitioner and respondent experts. There were two cases with respon-
dent PCL–R scores but no petitioner scores, and 33 cases with petitioner PCL–R
scores but no respondent PCL–R scores.

Agreement between evaluators on the same side of the case. Table 1
provides rater agreement statistics for cases in which two evaluators retained by
the same side of the case reported separate risk scores. For the 13 cases with
PCL–R scores from two petitioner experts, ICC(1,A) was poor (.24). The differ-
ence in scores for these cases ranged from 0 to 17 points, with an average
difference of 6.37 points. Five of the 13 scores differed by �10 points. Petitioner
experts reported identical scores in two cases. For the 7 cases with PCL–R scores
from respondent experts, ICC(A,1) was strong (.88), with difference scores
ranging from 0 to 4 points (M � 2.57). The largest difference between respondent
experts was 4.00 points, with identical scores in none of the cases.

Of the 35 cases with PCL–R scores from both petitioner and respondent
experts, 9 had two petitioner PCL–R scores and 7 had two respondent PCL–R
scores. Thus, 16 of the 35 offenders had two PCL–R scores from one of the two
sides in the case.

Agreement between opposing evaluators: Mean scores. Table 2 reports the
results of paired-samples t tests examining whether there was a statistically
significant difference in PCL–R scores from petitioner and respondent experts in
the 35 cases with opposing scores. PCL–R scores from petitioner experts were
significantly higher than those from respondent experts, regardless of how we
handled cases with multiple scores from experts on the same side of the case.
Cohen’s d values for these differences were medium in size, ranging from .68
(minimum discrepancy dataset) to .83 (maximum discrepancy dataset).

Agreement between opposing evaluators: Difference scores. The PCL–R
manual (Hare, 2003) reports that the SEM for the PCL–R total score is approx-
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imately 3 points. Assuming a normal distribution, approximately 98% of differ-
ence scores between two evaluators should fall within 2 SEMs, or 6 points. We
calculated a difference score for each of the 35 offenders with opposing PCL–R
scores by subtracting the respondent expert’s score from the petitioner expert’s
score. Difference scores with a positive value indicated that the petitioner expert
assigned a higher PCL–R score, whereas a negative score indicated that the
respondent’s expert assigned a higher score.

Using the minimum discrepancy scores, we found that the mean difference
score was 4.97 (SD � 7.26), with values ranging from �8.00 to 25.20. Of the
35 difference scores, 13 (37.1%) were 6.00 or greater, in the direction of
adversarial allegiance. Only two discrepancy scores were greater than 2 SEM
units in the opposite direction (scores of �7.00 and �8.00), indicating that the
respondent expert reported a higher PCL–R score than the petitioner expert.
Using the dataset of maximum discrepancy scores, we found that the mean
difference score was 6.60 (SD � 7.68), with values ranging from �8.00 to
25.20, which is more than twice as large as the SEM reported in the PCL–R
manual (Hare, 2003). Of the 35 difference scores, 17 (48.6%) were 6.00 or
greater. Once again, only two discrepancy scores were greater than 2 SEM
units in the opposite direction. Using the dataset of average discrepancy
scores, we found that the mean difference score was 5.79 (SD � 7.08), with
values ranging from �8.00 to 25.20, with 14 (40.0%) difference scores greater
than 6.00 and only one (2.9%) greater than 2 SEM units in the opposite
direction.

Agreement between opposing evaluators: ICCs. ICC(A,1) was in the .40
range for the PCL–R, regardless of how we dealt with cases in which there were
multiple scores from evaluators on the same side of the case (see Table 3). These
values indicate that less than half of the variance in the set of PCL–R scores could
be attributed to the offenders’ true level of psychopathy as measured by the
PCL–R. Of the remaining variance, 18% to 25% was attributable to the side for
which the evaluation was performed. Finally, 35% to 40% of the variance in
scores was attributable to other sources of error.

Do selection effects account for low levels of agreement in cases with
opposing scores? As in the analyses of the STATIC-99 and MnSOST–R, we
considered the possibility that the 35 cases for which we had opposing scores
might systematically differ from the other cases in which opposing scores
were not available. Perhaps respondent-retained evaluators only administered
the PCL–R when they suspected that the score reported by the petitioner-
retained evaluator was inappropriately high. The t tests revealed similar
PCL–R scores for the 35 offenders with opposing PCL–R scores and 33 with
only a petitioner PCL–R score. This finding applied to all three sets of
discrepancy scores: For minimum discrepancy, t(66) � 0.11, p � .91, d �
0.03; for maximum discrepancy, t(66) � 0.27, p � .79, d � 0.07; and for
average discrepancy, t(66) � 0.06, p � .95, d � 0.02. Again, there was no
evidence to support the hypothesis that rater disagreement between opposing
evaluators was due to a selection effect in which respondent evaluators
administered the PCL-R because the score from the original petitioner eval-
uator appeared unusually high.
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Discussion

The goal of this study was to investigate interrater agreement on ARAIs as
scored by forensic evaluators who were retained by opposing sides in adversarial
legal proceedings. We studied SVP trials because these proceedings routinely
involve opposing forensic evaluators who have administered and scored the same
ARAIs after evaluating the same offender, using essentially the same record base.
Comparing ARAI rater agreement values from opposing evaluators in these
adversarial SVP proceedings with ARAI rater agreement values from the research
literature allows us to form some impressions about the pull of adversarial
proceedings. Indeed, rater agreement values such as ICCs can be used as a metric
to estimate the effects of adversarial allegiance, particularly if generalizability
theory is used to estimate the amount of variance in test scores attributable to the
side retaining the forensic evaluator. Finally, apart from the issue of adversarial
allegiance, examining rater agreement values in SVP trials provides new data on
the field reliability (Wood, Nezworski, & Stejskal, 1996) of popular risk mea-
sures; that is, their reliability as applied in routine practice outside of the research
context.

Agreement Between Evaluators Retained by the Same Side

As detailed in Table 1, there were several instances in which rater agreement was
lower than expected, even among raters retained by the same side. For example, the
ICC(A,1) value for the PCL–R as administered by respondent-retained evaluators was
.88—in the range we would expect based on research studies—but the ICC(A,1)
value for petitioner-retained evaluators was poor (.24). Conversely, for the Mn-
SOST–R, the ICC(A,1) value for petitioner-retained evaluators was higher (.63) than
the unusually poor agreement among respondent-retained evaluators (.00). Rater
agreement values for the STATIC-99—ICCs(A,1) of .84 and .95— were noticeably
stronger and comparable with those reported in the research literature.

These rater agreement values for evaluators on the same side should be inter-
preted quite cautiously, given the small number of cases contributing to these analyses
(ns � 6–17), in which a few score differences can have a tremendous impact on
overall agreement values. There is also a possibility that, in these cases, the legal team
requested a second evaluation specifically because results from their first evaluator
appeared questionable (a selection effect that would inflate rater disagreement).6

Nevertheless, the strong agreement from same-side evaluators for the
STATIC-99 is noteworthy compared with the poorer agreement for the other mea-
sures. The differences may be attributable to the nature of the items on each measure.
The 10 STATIC-99 items require knowledge of offender demographics, offense
history, and some minimal data about offense victims (i.e., gender, whether victim
was related to offender, whether victim was a stranger to offender). The MnSOST–R
items also rely on knowledge of an offender’s basic criminal history. However, some
require additional detailed knowledge of the sexual offense (e.g., “Was force or threat
of force used?”), which may be less clear in the records and require more subjective
inference by the evaluator. The MnSOST–R also requires some knowledge of the

6 Unfortunately, we were not able to examine this possibility.
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offender’s incarceration experience (e.g., disciplinary infractions, drug treatment, sex
offender treatment). One research group (Barbaree et al., 2001) observed:

Scoring the MnSOST-R requires careful reading of extensive manual material, a
relatively large amount of training of the coders, and a high degree of diligence
among the coders. Our coders were trained over a period of 1 full working day.
The developers of the MnSOST-R have provided more comprehensive scoring
guidelines and examples than provided by the developers of the RRASOR or the
Static-99. Nevertheless, we found the MnSOST-R to be the most difficult of the
actuarial measures to code. The MnSOST-R items are very specific and the clinical
file material available was not always exactly pertinent to the items as described.
In contrast, the . . . Static-99 [was] straightforward to code and score. (p. 513)

The PCL–R, to a greater extent than that of the two ARAIs, relies on evaluator
clinical skills to elicit information and draw inferences about an offender’s personality
and interpersonal style. Research reveals that it is certainly possible for trained raters
in the field to arrive at adequate interrater reliability when they participate in the same
training and have access to the same interview and records (Gacano & Hutton, 1994).
The only other study of agreement for same-side SVP evaluators also found a higher
level of agreement for both the PCL–R and MnSOST–R (Levenson, 2004b). Our
same-side rater agreement values are based on so few cases—and perhaps atypical
cases—that we cannot conclude that the field reliability of the MnSOST–R and
PCL–R is uniformly poor across all contexts. However, we do conclude that their field
reliability cannot be assumed and that more research into their field reliability is
essential.

Agreement Between Evaluators Retained by Opposing Sides

As with the rater agreement values for evaluators on the same side of the case, our
rater agreement values from evaluators on opposing sides revealed weaker rater
agreement in the field, as compared with research studies. Depending on which
approach we took to analyzing opposing scores (i.e., minimum, maximum, or average
discrepancies), the ICC(A,1) values fell near .42 for the PCL–R, .44 for the Mn-
SOST–R, and .62 for the STATIC-99. These values are much lower than the
same-side agreement values for SVP evaluation scores in Florida (Levenson, 2004b).7

Of course, if agreement between evaluators on the same side of a case is poor,
we should certainly be cautious about concluding that poor agreement between
opposing evaluators suggests adversarial allegiance. Therefore, an important

7 One possible explanation for the difference between the ICCs for opposing (Murrie et al.,
2008) and nonopposing (Levenson, 2004b) scores is that the researchers used different ICC
equations. Researchers examining the opposing evaluator agreement reported an ICC for a single
evaluator (Murrie et al., 2008), whereas the nonopposing study reported an ICC for the score
averaged across two evaluators (J. S. Levenson, personal communication, July 14, 2008).
The multiple-evaluator coefficients are relevant when the score that is used in court is a single score
averaged across all evaluators. However, because scores reported in court are not averaged across
raters, the single-evaluator ICC is the most directly relevant for scores reported in court. The ICC
for a single evaluator would be .72 for PCL–R in the sample of nonopposing evaluators (applying
the Spearman–Brown prophecy formula to data from Levenson 2004b), which is still widely
discrepant from the .39 from opposing evaluators. The single-evaluator ICCs for the MnSOST–R
and STATIC-99 among the nonopposing SVP evaluators (Levenson, 2004b) are both .73.
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research question is whether the disagreement between opposing raters was
unsystematic, which would simply suggest weaker agreement in the field than in
research studies, or systematic, which might suggest adversarial allegiance if
petitioner-retained evaluators tended to assign higher risk scores and respondent-
retained evaluators tended to assign lower risk scores.

Score differences appeared systematic, regardless of whether we used pairs of
scores that produced the smallest or largest differences between opposing eval-
uators. In other words, although evaluators on the same side disagreed at times,
these differences did not explain the poor agreement between opposing evalua-
tors. As detailed in Table 2, the mean petitioner scores were higher than mean
respondent scores for every measure, using minimum and maximum discrepancy
scores.

There were some important differences among measures. The difference
between petitioner and respondent scores were in the medium-to-large and large
ranges for the PCL–R (ds � 0.68–0.83) and the MnSOST–R (ds � 0.70–0.95).
Substantial proportions of score differences were greater than 2 SEM units, in the
direction consistent with adversarial allegiance. For the STATIC-99, scores also
differed in the direction consistent with adversarial allegiance, but these differ-
ences were considerably smaller in size (ds � 0.29–0.37), and few were greater
than 2 SEM units.

Estimating the Sources of Score Variance

One contribution of this study is the application of generalizability theory to
better estimate the sources of error variance in ARAI scores. We estimated the
proportion of variance attributable to three sources: (a) the offenders being
evaluated, (b) the “side” (petitioner or respondent) that retained the evaluator, and
(c) other unidentified sources of error. For two measures, a sizeable portion of this
variance was attributable to the side that retained the evaluator: 18–25% of the
variance in PCL–R scores and 19–30% of the variance in MnSOST–R scores,
depending on how we handled data from cases with more than two scores per side.
For the STATIC-99, only 3–5% of variance was attributable to the side retaining
the evaluator. Thus, although none of the measures produced ICC values in the
desired .80 range, the reasons for poor ICCs might differ for each measure. For
the STATIC-99, adversarial allegiance accounted for only a small amount of the
error variance, suggesting that random error or other sources of systematic error
(e.g., scoring tendencies of individual evaluators, idiosyncratic interpretation of
record information) are more likely to be responsible for the modest ICC. For the
PCL–R and MnSOST–R, adversarial allegiance accounted for a substantial
amount of the error variance, although the amount of unexplained error variance
for the PCL–R was similar to that of the STATIC-99, suggesting that factors other
than adversarial allegiance also contribute to the low ICC for the PCL–R.

Ideally, the variance in test scores attributable to adversarial allegiance would
be near zero. Values farther away from zero might be tolerable if the rater
disagreement appeared to be random; for example, if higher scores were produced
by petitioner evaluators in about half of the cases and respondent evaluators in the
other half. However, our analyses suggested that this was not the case in our
sample. If the differences are not random, we still want the proportion of variance
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attributable to adversarial allegiance to be as small as possible. From a purely
psychometric perspective, if rater agreement coefficients, ICC(A,1), should be at
least .80 for forensic instruments (Heilbrun, 1992), then no more than 20% of the
variance can be attributable to opposing evaluators. However, when the amount of
variance attributable to opposing evaluators was in the 20% range in the present
study (see Table 2), the mean score differences between opposing evaluators were
still moderate to large in size (Cohen’s d range � 0.68–0.78) and probably larger
than the field will (or should) tolerate. Our findings for the STATIC-99 appeared
much closer to ideal, with about 5% of the variance attributable to adversarial
allegiance. This amount of variance translated into statistically significant but
smaller differences between opposing evaluators (Cohen’s d � 0.29–0.37).

Analyses also revealed that a sizeable proportion of the variance in scores was
attributable to other sources of error, beyond the variance attributable to the
offenders and the side retaining the evaluator. Of course, error, in the psycho-
metric sense, simply refers to other sources of variance that we could not examine.
These sources may be random (unexplainable) or systematic (potentially explain-
able depending on study design). Examples of systematic sources of variance may
include the following: variance attributable to specific evaluators (perhaps some
evaluators are inclined to assign higher scores in ambiguous cases, while others
lean towards lower scores); variance due to whether an interview was conducted
(in a few cases, offenders declined to participate in interview, and evaluators
scored instruments entirely by record, although our data do not allow us to
examine this as a variable); or variance due to difference in the quality of records
available for review (although likely influential in many forensic evaluations, this
variance is likely minimal in this study, in which evaluators on each side received
the same database of records). However, these sources of variance should further
divide the unexplained error variance (i.e., see the last column in Table 3), not
variance due to offenders being evaluated.

Implications for Sex-Offender Risk Assessment

Regarding sex-offender-specific ARAIs, results from this study tend to sup-
port the use of STATIC-99 over the MnSOST–R. Evaluators using the STATIC-
99—whether on the same side of a case (see Table 1) or on opposing sides
(Tables 2 and 3)—tended to demonstrate much stronger interrater agreement than
evaluators using the MnSOST–R. Our stronger reliability data for the STATIC-99
appear consistent with the many studies that support use of the STATIC-99 (see
Hanson & Morton-Bourgon, 2007, for a review). Likewise, our findings regarding
poor reliability for the MnSOST–R appear consistent with studies that report
weaker predictive validity results for the MnSOST–R (Bartosh, Garby, Lewis, &
Gray, 2003) or emphasize problems with the measure (Vrieze & Grove, 2008;
Wollert, 2002, 2003). Because there appear to be few advantages to combining
actuarial measures (e.g., Seto, 2005), our results suggest that administering the
less reliable MnSOST–R, in addition to the more reliable STATIC-99, may be
unnecessary (at best) or misleading (at worst).

Regarding the PCL–R, these results extend the findings from an initial study
of PCL–R agreement in adversarial SVP proceedings (Murrie et al., 2008). Our
small-sample results are probably not sufficient to make definitive recommenda-
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tions for widescale practice, but results do suggest that caution is in order when
considering PCL–R results in SVP proceedings, if a meaningful portion of the
variance in PCL–R scores is attributable to the side retaining the evaluator. The
PCL–R has been popular in sex offender risk assessments because research data
tend to reveal a relation between PCL–R scores and sexual reoffense (Quinsey,
Rice, & Harris, 1995; Rice, Harris, & Quinsey, 1990). For example, a compre-
hensive meta-analysis identified psychopathy as one of the strongest predictors of
sex offender recidivism (Hanson & Morton-Bourgon, 2005), although the predic-
tive power of the PCL–R appears more attributable to the impulsive/unstable
lifestyle than to the interpersonal/emotional style associated with psychopathy
(Knight & Guay, 2006).

However, even this well-known research base on PCL–R scores and sexual
recidivism must be considered more cautiously in light of our findings. Research
studies describe the predictive validity of PCL–R scores as scored in research
contexts, usually by trained raters. They do not describe the predictive validity of
the PCL–R as scored by evaluators in adversarial legal proceedings. If PCL–R
reliability is poorer in adversarial proceedings, as our findings suggest (see also
Boccaccini, Turner, & Murrie, 2008; and Murrie et al., 2008), then evaluators in
adversarial proceedings should be cautious in assuming that the (potentially less
reliable) PCL–R scores they assign carry the same predictive validity with respect
to sexual recidivism. Future research must examine how well the PCL–R as
administered in the field predicts sex offender reoffense. At least one recent field
validity study found that the PCL–R, as administered by SVP screening evaluators
in routine practice, bore no relationship to sexual reoffenses (Boccaccini, Murrie,
& Caperton, 2008).

Broadly, results suggest that evaluators in SVP proceedings (and the attorneys
who scrutinize their testimony) should be more attuned to the possible influence
of adversarial allegiance. This holds true even for tasks that appear to involve little
subjectivity, such as scoring ARAIs. SVP proceedings are explicitly adversarial
and rely primarily on expert testimony as a source of evidence. SVP evaluations
feature a number of complex, debatable considerations about which well-qualified
and thoughtful professionals may sometimes disagree: for example, assigning
paraphilia diagnoses to offenders who may not be forthcoming about sexual
interests or experiences, drawing inferences from ambiguous criminal records,
and using actuarial instruments based on group data from offenders in one context
to draw inferences about a single offender in another context. Perhaps, then, it is
not surprising if the adversarial system pulls opposing SVP evaluators toward
different perspectives on debatable issues (Murrie, Boccaccini, & Turner, in
press).

Implications for Addressing Adversarial Allegiance in Practice

One recent survey asked forensic clinicians to share their opinions about bias
among experts in their field. Most participants reported that experts view them-
selves “bias free” and able to “compensate for any biases they might have”
(Commons, Miller, & Gutheil, 2004, p. 73). Our findings, although from a small
sample of unique trials in one state, bode for a more humble perspective. We
could identify no reason to believe that evaluators in our sample were any more
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vulnerable to adversarial allegiance than other clinicians in adversarial proceed-
ings; many had decades of experience, and several had advanced qualifications
(e.g., diplomate status, supervisory and mentoring roles). Likewise, we could
identify no reason to believe that SVP evaluations pull for adversarial allegiance
more than other adversarial proceedings. Thus, our results underscore the cautions
about objectivity that authorities offer (Brodsky, 1991; Rogers, 1987; Shuman &
Greenberg, 2003) and underscore the need for clinicians to use practical self-
monitoring approaches to reduce the influence of adversarial allegiance (Borum,
Otto, & Golding, 1993; Murrie & Warren, 2005).

It is important to emphasize that score differences in the direction of adver-
sarial allegiance may not have been intentional. Our study cannot address, for
example, whether respondent-retained evaluators who reviewed original evalua-
tion results purposefully worked to arrive at lower risk scores. Likewise, our study
cannot address whether petitioner-retained evaluators tended to lean toward
giving a higher score when an offender was on the border between a higher and
a lower score. Social science research consistently suggests that even uninten-
tional behaviors tend to be self-serving. For example, we can expect about two
thirds of scoring and data recording errors to favor the position of the person
responsible for the errors (Rosenthal, 1978). Likewise, the adversary legal system
pulls forensic evaluators in ways they may not immediately recognize (Apple-
baum, 1998).

However, it is also important to emphasize that not all disagreements among
clinicians in the adversarial system reflect adversarial allegiance. To take one
concrete example, a respondent-retained evaluator may (and indeed, should) note
an error in a previous petitioner-scored STATIC-99, which results in a lower total
score when corrected. This respondent-retained evaluator is thorough but not
necessarily biased. Of course, it would be important for the same respondent-
retained evaluator to correct all scoring errors, even if doing so yielded a higher
risk score. Evaluators who are cautious about adversarial allegiance need not
be reluctant to vigorously advocate for their opinions and need not “preclude
forceful representation of the data and reasoning upon which a conclusion . . . is
based” (Committee on Ethical Guidelines for Forensic Psychologists, 1991, p.
664). Evaluators, however, do need to examine closely for the degree to which
their opinions—even routine instrument scoring decisions—may have been sub-
tly influenced by adversarial allegiance. Opposing attorneys will do the same.

Implications for Addressing Adversarial Allegiance in Research

Our findings suggested that some instruments (the STATIC-99 in this study)
might be less susceptible to rater disagreement in the context of adversarial
proceedings than other instruments (the PCL–R and the MnSOST–R in this
study). Research should continue to investigate agreement on these instruments
and others in the context of adversarial proceedings and to identify factors that
make forensic assessment instruments more or less susceptible to disagreement
between opposing evaluators.

Although this study examined interrater agreement on specialized actuarial
risk measures in one unique legal context (i.e., SVP trials), questions about the
reliability of assessment instruments in adversarial proceedings are relevant to
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many forms of forensic assessment. First, poor agreement likely limits the
observed validity of an instrument. A finding that instrument scores vary by
adversarial side raises questions about which scores are most accurate. For
example, if we were to find that scores on risk measures consistently differed as
scored by prosecution versus as scored by defense, it would become important to
examine the predictive validity of the instruments as scored by each side. Of
course, such a study would almost never be possible, because there is rarely a
sufficient sample of evaluations from each side. Our findings of disagreement
between opposing evaluators raises questions about the extent to which recidivism
findings from well-controlled research studies, with high rater agreement, gener-
alize to risk scores reported in court. Which side’s expert, if either, is more like
the type of systematically trained research assistant who scores risk measures for
a research study? Again, we emphasize the need for studies that address the field
validity of measures used in adversarial proceedings.

Another important research implication to emphasize is that adversarial
allegiance does not explain all of the error variance in ARAI and PCL–R scores
in our sample. As can be seen in Table 3, 30% to 40% of the variance in scores
could not be accounted for by either true standing on the measure or adversarial
allegiance. Some recent research suggests that the idiosyncratic evaluation and
scoring tendencies of individual evaluators may explain a portion of this variance.
A few simple studies document differences in terms of how often evaluators reach
opinions supportive of trial competence (Murrie, Boccaccini, Zapf, Warren, &
Henderson, 2008) or legal sanity (Murrie & Warren, 2005). Although these
studies could not address all possible explanations for the differences in evaluator
opinions, these studies do suggest that forensic evaluators are probably not
interchangeable. Rather, differences in the evaluators themselves likely contribute
to differences in their patterns of opinions, and these evaluator differences warrant
further study.

More relevant to this study of forensic assessment instruments in SVP
proceedings, recent research suggests that evaluator differences can account for
some of the variability in PCL–R scores, even outside the pull of adversarial legal
proceedings (Boccaccini, Turner, & Murrie, 2008). This study examined PCL–R
scores for more than 300 offenders who were evaluated by one of 20 different
experts during the first step of Texas’s SVP evaluation process. Differences
between evaluators accounted for approximately 30% of the variance in PCL–R
scores, with the average PCL–R scores given by two of the most prolific
evaluators differing by nearly 10 points.

A carefully designed experiment might allow researchers to calculate the
relative effects of offender characteristics, evaluator characteristics, and adver-
sarial allegiance on evaluator opinions or measure scores. The ideal study would
have (a) a large pool of evaluators, (b) randomly assigned to perform some
evaluations for the prosecution and an equal number for the defense, and (c)
opposing scores for every case. For many reasons, this ideal study is virtually
impossible in most real-world contexts. For example, the adversarial system
rarely encourages random assignment of evaluators to cases, and policies pro-
tecting attorney work–product allow discretion about disclosing evaluator scores
and opinions. Given the challenges to real-world experimental studies, investi-
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gating adversarial allegiance will likely continue to require naturalistic, and
imperfect, designs such as the present study.

Despite the practical challenges to researching adversarial allegiance in fo-
rensic evaluation, it is important for researchers to attempt these studies, partic-
ularly with cooperating jurisdictions or systems. Some jurisdictions may be
understandably wary of facilitating this type of study. However, any short-term
drawbacks are likely outweighed by the potential for substantial practical benefits
in the long term. Studies that identify the nature and extent of adversarial
allegiance lay the groundwork for improvements that minimize the influence of
this adversarial allegiance. In SVP proceedings, for example, minimizing adver-
sarial allegiance increases the likelihood that limited commitment resources are
devoted to those offenders who most closely match commitment criteria and pose
the greatest risk to the community.

Implications for Addressing Adversarial Allegiance in Law and Policy

In some respects, we should consider cautiously any policy implications from
this study. After all, data are based on a sample of 72 cases from one state, which
is only one of the nearly 20 states with SVP laws. Any policy implications must
be tentative, recognizing that only additional research can reveal whether findings
from this study are typical of other jurisdictions as well.

On the other hand, this study (along with the Murrie et al., 2008 and
Boccaccini, Turner, & Murrie, 2008 studies of the same jurisdiction) offers the
only available case data on an understudied but important question. The jurisdic-
tion from which these data are drawn appears similar to other jurisdictions in
terms of how SVP screening, evaluations, and trials take place.8 There is no
reason to expect stronger or weaker patterns of adversarial allegiance in this
jurisdiction as compared with others. Therefore—although it is important not to
overvalue these findings—it also seems important not to underestimate the degree
to which these findings may carry implications for other jurisdictions, at least until
other research specific to those jurisdictions becomes available.

Perhaps the most straightforward and narrow question these results raise is:
How might systems reduce the impact of adversarial allegiance on test scores? It
may be reasonable to require SVP evaluators to participate in uniform instrument
training or formally demonstrate additional instrument expertise and correct
scoring. This approach seems most appropriate if we assume that poor rater
agreement results primarily from generally poor scoring practices that, perhaps
inadvertently, drift in the direction of adversarial allegiance. If we assume that
scoring in the direction of adversarial allegiance is more intentional than inad-
vertent, mandated training is probably of less help. In either case, systems may
benefit from outside consultation to better understand the nature and extent of
scoring problems related to adversarial allegiance in their jurisdiction.

8 Texas is unique among the states with SVP laws in that offenders civilly committed as SVPs
in Texas face outpatient commitment only, albeit with extremely rigorous restrictions. Inpatient
commitment is not an option. However, there is no reason to believe that a unique commitment
arrangement would lead to unique findings regarding adversarial allegiance when the precommit-
ment process is similar to the process in most other states.
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Even if systems make some progress in reducing the influence of adversarial
allegiance on instrument scores, it remains important to ask: To what extent
should correctional policies and court decisions be influenced by scores on
instruments, if instrument scores are influenced by adversarial allegiance? Find-
ings demonstrating that certain instruments are vulnerable to the effects of
adversarial allegiance, whereas others are more robust, should probably deter
correctional systems from using the more vulnerable instruments. In court, there
may be good reason to challenge the admissibility of particular instruments if
research evidence continues to suggest that their scores are influenced by adver-
sarial allegiance. At a minimum, courts should view with a healthy skepticism any
results from the PCL–R or MnSOST–R as scored by retained evaluators in
adversarial proceedings.

Of course, instruments are only vulnerable to the effects of adversarial
allegiance if the evaluators who score them are vulnerable.9 Therefore, the
broader policy questions involve how we might minimize the influence of adver-
sarial allegiance on evaluators. Certainly these questions are not new. For de-
cades, observers have complained—although usually through anecdotes and im-
pressions rather than empirical data—of bias or partisanship by expert witnesses.
There is no shortage of proposed solutions, but each proposed solution to the
problem of adversarial allegiance brings problems of its own (see Mnoonkin,
2008, for an excellent review).

For example, one popular suggestion to reduce adversarial allegiance
among expert witnesses is to rely only on “neutral experts” appointed by the
court rather than either litigating party. A well-qualified, court-appointed
neutral expert may in fact solve the problem of adversarial allegiance influ-
encing instrument scores by providing the court with more trustworthy data
(i.e., something closer to the “real” scores). However, as Mnoonkin (2008)
emphasized, neutral experts may be problematic in those cases in which
scientific data is insufficiently developed, under dispute, or open to legitimate
differences of opinion. In these instances, the neutral expert can rarely convey
to the court the nature and extent of the scientific dispute or clinical ambiguity.
The jury may simply follow the expert’s summary opinion (particularly
because the expert is perceived as neutral and trustworthy), bypassing much of
the deliberation and evidence weighing that occurs when juries consider
contrasting opinions from opposing experts. In short, neutral experts may
make the juries’ job easier, but their presence makes less likely the careful
consideration of opposing perspectives that our adversarial system of justice
prioritizes. Particularly in SVP proceedings—in which the necessary science
is generally underdeveloped and there remains much room for reasonable
clinicians to disagree (Murrie et al., in press)—we should probably be leery of
interventions that reduce opportunities for courts to consider contrasting data
or contrasting interpretations of ambiguous data.

9 For this reason, we do not argue that abandoning all instruments is a solution to the problem
of adversarial allegiance influencing test scores. Even if some instruments are vulnerable to
adversarial allegiance, there is no reason to believe that unaided, unstructured clinical judgment is
less vulnerable to adversarial allegiance.
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In contrast to the court-appointed “neutral expert” role, policies in the juris-
diction that we studied may enhance the visibility of adversarial allegiance. For
example, defense counsel is free to consult with potential evaluators, asking them
to review case materials and even provide preliminary opinions, before retaining
them to formally evaluate the respondent. Consistent with United States v. Alvarez
(1975), the court is therefore not exposed to opinions offered by any “discarded
experts” whom attorneys screen for possible participation in a case but ultimately
do not retain for a full evaluation and testimony.It is important to note that these
discarded experts might have offered opinions that are quite concordant with one
another or with the petitioner’s evaluator. In other jurisdictions (consistent with
United States ex rel. Edney) prosecutors are allowed access to experts whom the
defense has decided not to use. Our study could not identify which respondent
evaluators were the only ones consulted on the case and whose selection was the
result of extensive screening; nor would the jurors, judge, or petitioner be privy
to this information. Thus, we again emphasize that our results may not generalize
to all forensic opinions in adversarial proceedings; rather, results reflect only
opinions visible at the point of deposition or trial testimony.

On reviewing the research findings that suggest adversarial allegiance, it is
tempting to favor an Edney-like arrangement in which the petitioner could query
all of the respondent’s consulting experts rather than only the one who provided
a favorable opinion. Under such an arrangement, we might observe better agree-
ment among more evaluators and less apparent adversarial allegiance. However,
such a change would make it even more difficult for the respondent to pursue a
defense against civil commitment.10 The Alvarez court suggested that an attorney
“must be free to make an informed judgment with respect to the best course for
the defense without the inhibition of creating a potential government witness”
(United States v. Alvarez, 1975).11 In SVP proceedings, counsel for the respon-
dent may be reluctant to seek an evaluation, or even a consultation, if results are
not protected from discovery. However, seeking an evaluation is likely a crucial
defense strategy in a legal proceeding that revolves primarily around expert
opinion. In summary, many of the approaches that appear likely to reduce
adversarial allegiance are those that may also reduce defense counsel’s options to
explore reasonable defense strategies.

Overall, the problem of score differences in the direction of adversarial
allegiance is probably intertwined with several policies that reflect deeply held
values about the benefits of due process and an adversary system of justice. A core
value of the adversary system is the opportunity for opposing sides to put forward
their best case. Therefore, there is nothing inherently problematic about attorneys
searching for clinicians who are most likely to interpret the available data in a
manner favorable to their case. Indeed, in a field such as SVP risk assessment,

10 In Texas, almost all cases have been decided in favor of civilly committing the respondent.
11 To be clear, both Alvarez and Edney applied to criminal justice proceedings, but the

implications are similar in quasi-criminal proceedings such as SVP trials. The American Bar
Association’s (1989) Criminal Justice Mental Health Standards also favor an Alvarez ruling, except
in cases in which it is clear that defense counsel has consulted many experts specifically to make
them unavailable to the prosecution (see Melton et al., 2007, for an excellent overview of issues
related to Edney and Alvarez).
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which features many issues on which reasonable professionals may disagree, we
can expect attorneys to seek and favor evaluators whose positions on these
debatable issues are most conducive to the attorney’s case strategy. What is
striking about our findings, however, is that opposing evaluators differed not
simply on scientifically debatable issues but also on the scores they derived from
ostensibly objective assessment instruments, which have clear scoring guidelines
and strong rater agreement values in nonadversarial research contexts. For this
reason, we suspect that the problem of score differences in the direction of
adversarial allegiance primarily reflects a problem with evaluators much more
than it reflects a problem with legal policy or practice.

Therefore, our results also have implications for the policies that guide
forensic mental health professionals. The Specialty Guidelines for Forensic Psy-
chologists (Committee on Ethical Guidelines for Forensic Psychologists, 1991),
which are currently under extensive revision, give some attention to adversarial
allegiance and the need for objectivity. However, these guidelines are considered
“aspirational” rather than regulatory in the strictest sense. Indeed, the field of
forensic mental health assessment is not currently regulated by any clearly
recognized professional standard of care, but there is recent movement toward
articulating clearer standards of practice (Heilbrun, DeMatteo, Marczyk, & Gold-
stein, 2008). As this movement continues, it will be important to consider the
issue of adversarial allegiance.

However, regulating adversarial allegiance, even within the mental health
fields, is a delicate matter. Because many scientific or clinical issues that arise at
trial are those in which well-qualified professionals may genuinely and reasonably
disagree (Mnoonkin, 2008), overzealous efforts to addressed adversarial alle-
giance could do more harm than good, both to clinicians and the courts that rely
on their input. Nevertheless, it may be helpful to have some mechanism to address
clinician behaviors that, in a manner linked to adversarial allegiance, clearly and
substantially deviate from firmly established guidelines (e.g., scoring procedures
delineated in instrument manuals or formal diagnostic criteria delineated in the
Diagnostic and Statistical Manual of Mental Disorders [4th ed., text revision;
American Psychiatric Association, 2000]). Melton and colleagues (2007) sug-
gested negligent misdiagnosis as one possible ground for malpractice litigation
addressing forensic assessment. Heilbrun and colleagues (2008) elaborated that
clinicians might commit negligent misdiagnosis “by obtaining so little informa-
tion that mistakes are far more likely and plausible alternatives are not tested”
(p.14). Similarly, clinicians who seek information only to support an adversarial
position or dismiss information contradictory to their position may be similarly
negligent in the service of adversarial allegiance.

Conclusion

Results from our small sample strongly suggest that scores on some popular
measures widely used in legal proceedings may be influenced by adversarial
allegiance. There appeared to be less interrater disagreement on the STATIC-99
than on the MnSOST–R and the PCL–R, which suggests that some measures may
be more vulnerable than others to the pull of the adversarial system. Therefore, we
recommend further research—both by scholars and systems—to investigate the
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potential influence of adversarial allegiance in forensic evaluation and expert
testimony. We also recommend that forensic evaluators, and the courts that
consider their input, examine carefully the ways in which adversarial dynamics
may have influenced their evaluation procedures, instrument scoring, and opinion
formation.
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