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This study examined whether some evaluators tend to report consistently higher or
lower scores than other evaluators for offenders on the Psychopathy Checklist—Revised
(PCL–R; R. D. Hare, 1991, 2003). Data for the study were PCL–R total scores for 321
sex offenders, evaluated by 1 or more of 20 different state-contracted evaluators, during
a process of screening for civil commitment as sexually violent predators. More than
30% of the variability in PCL–R scores was attributable to differences among evalua-
tors, with mean PCL–R scores given by 2 of the most prolific evaluators differing by
almost 10 points. In a subsample of 22 offenders evaluated with the PCL–R on 2 or
more occasions, evaluator agreement (intraclass correlationA,1 � .47) was low. To-
gether, these findings raise concerns about the field reliability of the PCL–R and suggest
the need for research examining field reliability of other measures used in forensic
assessment.
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The Psychopathy Checklist—Revised (PCL–R; Hare, 1991, 2003) is per-
haps the most well-established instrument used in violence risk assessments
(Archer, Buffington-Vollum, Stredny, & Handel, 2006; Lally, 2003). It is
often used alone or as a component of formalized risk measures (e.g., the
Historical, Clinical, Risk Management—20 [Webster, Douglas, Eaves, &
Hart, 1997]; the Sex Offender Risk Appraisal Guide [Quinsey, Harris, Rice,
& Cormier, 1998], or the Violence Risk Appraisal Guide [Harris, Rice, &
Quinsey, 1993]). The PCL–R is a 20-item measure of interpersonal, affective,
and behavioral traits that clinicians score on the basis of an offender’s records
and a clinical interview. PCL–R items are rated on a scale from 0 to 2, with
higher scores reflecting a higher level of the psychopathic trait. A recent
meta-analytic review of 95 studies found that PCL–R total scores tend to be
moderately associated with antisocial behavior, including future violence
(Leistico, Salekin, DeCoster, & Rogers, 2008; see also Douglas, Vincent, &
Edens, 2006; Guy, Edens, Anthony, & Douglas, 2005; Hemphill, Templeman,

Marcus T. Boccaccini and Darrel B. Turner, Psychology Department, Sam Houston State
University; Daniel C. Murrie, Institute of Law, Psychiatry, and Public Policy, University of
Virginia.

Correspondence concerning this article should to addressed to Marcus T. Boccaccini, Psychol-
ogy Department, Box 2447, Sam Houston State University, Huntsville, TX 77341. E-mail:
Boccaccini@shsu.edu

Psychology, Public Policy, and Law
2008, Vol. 14, No. 4, 262–283

Copyright 2008 by the American Psychological Association
1076-8971/08/$12.00 DOI: 10.1037/a0014523

262



Wong, & Hare 1998; Salekin, Rogers, & Sewell, 1996). Given the relation
between PCL–R scores and measures of violence, it is not surprising that
courts often admit expert testimony regarding PCL–R scores when they are
considering the possibility of future violence (DeMatteo & Edens, 2006;
Walsh & Walsh, 2006), for example, in cases that involve the civil commit-
ment of sexual offenders.

The PCL–R has demonstrated moderate associations with future violence, “in
spite of the inferential nature of many individual items” (Hare, 2003, p. 63). For
example, evaluators must rate offenders on traits that are difficult to observe and
require some subjective judgment, such as glibness, pathological lying, shallow
emotions, failure to accept responsibility, empathy, and callousness. Nevertheless,
the PCL–R manual reports strong levels of interrater agreement for the PCL–R
total score, with single evaluator intraclass correlation coefficients (ICCs) ranging
from .86 to .94. Many published studies have reported similarly strong rater
agreement values.

A recent study of opposing evaluator PCL–R scores from sexually violent
predator (SVP) trials suggests that the strong rater agreement values published
in the PCL–R manual and in well-controlled research studies may not always
generalize to forensic evaluations in the field (Murrie, Boccaccini, Johnson, &
Janke, 2008). Researchers examined PCL–R total scores from 23 sex offender
civil commitment cases that used one score from an evaluator retained by the
prosecution (petitioner) and a second score from an evaluator retained by the
defense (respondent). The agreement between prosecution and defense-
retained evaluators for PCL–R total scores was .39A,1 (ICC for absolute
agreement, single evaluator), which is markedly below the ICC values re-
ported in the PCL–R manual. The researchers also found that PCL–R total
scores from prosecution evaluators tended to be significantly higher than
scores from defense evaluators (Cohen’s d � 1.03), suggesting that evalua-
tors’ allegiance to the party that retained them may be one potential expla-
nation for the poor level of agreement.

One limitation of the Texas SVP trial study (Murrie, Boccaccini, Johnson, &
Janke, 2008) was that the available data allowed the researchers to examine only
adversarial allegiance as a potential explanation for the poor rater agreement. The
ICCA,1 of .39 indicates that about 40% of the variance was attributable to offenders’
true level of psychopathy as measured by the PCL–R and that 60% of the variance
was attributable to some sort of error. In a follow-up study, researchers used gener-
alizability theory analyses (see Brennan, 2001) with an updated set of 35 opposing
evaluator PCL–R scores and found that about 20% of the variance in PCL–R total
scores could be attributed to adversarial allegiance (Murrie, Boccaccini, Turner,
Meeks, Woods, & Tussey, in press). Thus, although adversarial allegiance did account
for a large proportion of the error variance, 40% of the variance remained unexplained
(i.e., 40% unexplained, 40% attributed to psychopathy, 20% attributed to adversarial
allegiance).

One potential source of error variance in PCL–R scores is the variance
attributable to individual evaluators. For example, some evaluators may assign
higher PCL–R scores across all of the offenders they evaluate.
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Existing Research Examining Evaluator Differences in PCL–R Scoring

Although hundreds of published studies have reported effects for the PCL–R,
few provide direct information about whether some evaluators tend to provide
higher scores than others. Those studies that do exist provide mixed information
about evaluator differences. Gacono and Hutton (1994) reported findings from a
study comparing PCL–R scores assigned by clinicians being trained to administer
the PCL–R to scores assigned by the clinicians conducting the training. The
trainer and trainee interviewed offenders together, had access to identical medical
and legal records, and then scored the PCL–R. Across 146 sets of PCL–R total
scores, only 7.6% differed by more than two points. More recently, and more
specific to the PCL–R in SVP proceedings, Roberts, Doren, and Thorton (2002)
examined PCL–R total scores from SVP evaluations conducted by a nonrandom
sample of three evaluators in Wisconsin. They found that one of the evaluators
tended to assign significantly (p � .05) lower scores (M � 16.4) than the other
two evaluators (Ms � 21.0 and 21.3). Together, these findings suggest that there
may be few scoring differences among evaluators who undergo the same training
and have access to identical information about the offender, but that some
clinicians conducting real-world forensic evaluations may tend to assign system-
atically higher or lower scores than other evaluators. In other words, differences
may be unlikely in tightly controlled research and training settings, but may be
more likely in field settings when evaluators have different levels of training and
experience and are responsible for gathering their own information for the
evaluation.

Although many PCL–R studies report an ICC as a measure of rater agree-
ment, most of these ICCs provide no information about evaluator differences.
There are several different types of ICCs, each appropriate to a different situation
or research question (see Bartko, 1966, 1976; McGraw & Wong, 1996; Shrout &
Fleiss, 1979). For example, different ICCs are appropriate depending on whether
the scores used in a study (or real-world setting) are made by a single evaluator
or have been averaged across multiple evaluators. Also, different ICCs are
appropriate depending on whether we believe that differences in the absolute
value of the score represent error (absolute agreement) or we believe that it is only
important to examine if raters tend to agree in their rank ordering of cases
(consistency agreement). Consistency agreement ICCs focus on whether the
evaluators tended to give the highest scores to the same offenders and the lowest
scores to the same offenders, but consistency agreement ICCs reveal nothing
about whether the high score from one evaluator was the same value as the high
score from another evaluator. However, absolute agreement ICCs consider dif-
ferences in the actual scores to be errors.1

1 ICC values can differ greatly depending on which type of ICC is calculated. As an example,
assume that one evaluator gave scores of 5, 10, and 15 to three offenders, and a second evaluator gave
scores of 20, 25, and 30 to these same three offenders, respectively. The ICC for a single evaluator and
consistency agreement is 1.00, but the ICC for a single evaluator and absolute agreement is .18. For two
evaluators, the ICC for consistency agreement is still 1.00, but the ICC for two evaluators and absolute
agreement is .31. In general, ICCs tend to be higher for consistency agreement than absolute agreement
and higher for scores averaged across multiple evaluators than a single evaluator.
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Research studies that report an ICC for absolute agreement provide indirect
information about score differences between raters because those score differ-
ences are counted as error and lower the ICC value. However, even when
researchers report an absolute agreement ICC, it is not possible to tell how much
variance is due to evaluator differences. Variance not accounted for by the ICC
could be due to evaluator differences, other sources of systematic error (e.g.,
adversarial allegiance), random error, or a combination of both. Although PCL–R
researchers often indicate whether ICCs are for single or multiple evaluators (see,
e.g., Hare, 2003), they rarely specify whether they used coefficients for absolute
agreement or consistency agreement (cf., Murrie, Boccaccini, Johnson, & Janke,
2008; Vitale, Smith, Brinkley, & Newman, 2002).2 Even the PCL–R manual
(Hare, 2003) does not indicate whether the ICC values it reports are for absolute
or consistency agreement.

Why Would Evaluators Differ in Their Scoring Tendencies?

Test developers strive to create measures that yield the same score for the
person being evaluated, regardless of who administers the measure. At the same
time, test developers recognize that perfect agreement between two evaluators is
not a realistic goal. Even the most structured and well-standardized measures
leave some room for individual evaluators to influence the final score. This
evaluator influence is usually unintentional and may be attributable to subtle
differences in qualities such as the evaluator’s appearance, tone of voice, and
interpersonal warmth during interviews, all of which may influence the content
and tone of an examinee’s response. Other evaluator differences include the
evaluator’s willingness to seek additional information, conscientiousness in
strictly following administration and scoring procedures, drift in adherence to
scoring rules over time, tendencies to use the higher or lower ends of rating scales,
and idiosyncratic tendencies in assigning scores to samples of examinee behavior
(e.g., responses to questions, information from collateral records). For example,
some evaluators may tend to assign scores of 2 rather than 1 when there is
moderate evidence for a psychopathy trait being present. Other evaluators may
tend to assign lower PCL–R scores than others because they require greater
evidence or less doubt before assigning a certain number of points to a particular
PCL–R item.

Although it may not be possible to eliminate any influence of evaluator
differences on test scores, a realistic goal for test developers is to create measures
that minimize the effects of evaluators on test scores. In practice, the amount of
variance in a set of test scores that is attributable to differences among evaluators
is almost never measured. Instead, researchers simply report the ICC, perhaps
with the unspoken assumption that there cannot be much variance attributable to
evaluators if most of the variance is attributable to the construct being measured
(i.e., a high ICC, although only absolute value ICCs provide any basis for such an
assumption).

2 In SPSS, the default setting for calculating an ICC is for consistency agreement. Thus,
researchers who do not intentionally seek absolute agreement are likely to calculate and report
consistency agreement values.
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The Present Study

When Murrie and colleagues (Murrie, Boccaccini, Johnson, & Janke,
2008; Murrie et al., in press) studied PCL–R score agreement in SVP cases,
they examined only those offenders who had been pursued for civil commit-
ment by the Special Prosecution Unit (SPU), the legal office responsible for
pursuing commitment for the highest risk offenders. At the time of the first
study (Murrie, Boccaccini, Johnson, & Janke, 2008), more than 300 offenders
had been evaluated (including a PCL–R administration) by state-contracted
evaluators and referred to the SPU for consideration. To examine whether
some evaluators tend to report systematically higher or lower PCL–R scores
than other evaluators, we used a database of PCL–R total scores for those
offenders who had been referred to the SPU for possible civil commitment.
Specifically, we considered the extent to which variance in the PCL–R total
scores could be explained by differences among the 20 different state-con-
tracted evaluators who provided the scores.

If we assume the sample of offenders assigned to one evaluator were rela-
tively similar in terms of their true level of psychopathy to the sample of offenders
assigned to other evaluators and we find that evaluators account for a significant
amount of variance in PCL–R total scores, this suggests that the scoring tenden-
cies of individual evaluators may help explain the large proportion of error
variance (60%) in the PCL–R total scores that Murrie et al. (in press) observed.
Of course, it is possible that not all evaluators saw similar samples of offenders.
One potential way in which cases assigned to evaluators may differ is that some
evaluators might have assessed more offenders with pedophilia than others.
Because those who offend against children tend to score lower on the PCL–R than
other sexual offenders (Porter, Campbell, Woodworth, & Birt, 2001; Porter et al.,
2000), we examined pedophilia diagnoses as a potential source of score variance
in our analyses.

We also considered whether evaluators who tended to give the highest scores
were more likely than others to have their cases go to trial. If state-contracted
evaluators who give the highest scores are more likely to have their cases go to
trial, this suggests that the low agreement from opposing evaluators in trials may
be attributable, at least in part, to a tendency for trials to involve state-contracted
evaluators who give exceptionally high PCL–R scores. If all evaluators are
equally likely to have cases go to trial, then evaluator scoring differences and
adversarial allegiance could be considered generally independent sources of
disagreement that each contribute to the low ICC for the PCL–R in Texas SVP
proceedings (Murrie et al., in press).

Finally, we examined the interrater agreement between two state-
contracted evaluators for a subset of 22 cases in which the offender was
evaluated with the PCL–R on two occasions. These cases allow for an
examination of agreement among evaluators working for the same side of the
case, although the small number of cases in this subsample does not allow for
an examination of effects due to different evaluators in this subset of analyses.
Nevertheless, if the first set of analyses indicates that a significant amount of
variance in scores is attributable to evaluator differences, interrater agreement
should be low when offenders are examined by two of these same evaluators.
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We used a generalizability theory framework to calculate the ICC for a single
rater and absolute agreement for these cases and to calculate the proportion of
variance in the scores due to being an initial or subsequent evaluator. Absolute
agreement ICC values for test–retest agreement range from the .39 for oppos-
ing evaluators in SVP trials (Murrie, Boccaccini, Johnson, & Janke, 2008) to
.72 in a sample of state-contracted SVP evaluations in Florida (Levenson,
2004a).3 Although Murrie et al. (in press) found that 20% of the variance in
their set of PCL–R scores was attributable to being an initial or subsequent
evaluator, this order of evaluation was confounded by adversarial role (i.e.,
initial evaluators testified on behalf of the prosecution, and subsequent eval-
uators for the defense). The present study allowed us to examine the propor-
tion of variance attributable to being an initial or subsequent evaluator on the
same side of the case.

In summary, the goal of this study was to examine whether evaluators
differ in terms of the PCL–R scores they assign, apart from issues of adver-
sarial allegiance. We also examined agreement between two evaluators work-
ing for the same side of the case to examine how evaluator differences may
affect interrater agreement.

Method

Texas SVP Evaluation Process

Data for the present study were provided by the Special Prosecution Unit, the
legal department in Texas responsible for pursuing SVP civil commitment for
sexual offenders. Cases are referred to the SPU by a multidisciplinary team
(MDT), comprising members of the Texas Department of Criminal Justice
(TDCJ), the state’s sex offender council, law enforcement agencies, and the Texas
Department of Mental Health and Mental Retardation. All “repeat sexually violent
offenders” in Texas are screened for risk by TDCJ staff no later than 16 months
before release, in accordance with the Texas Health & Safety Code § 841.021. If
the MDT determines that the inmate has two or more qualifying sexual offenses,
they may then refer the offender for a commissioned assessment for behavioral
abnormality. These contracted assessments usually are performed by doctoral-
level psychologists who are required to “make a clinical assessment [for behav-
ioral abnormality] based on testing for psychopathy, a clinical interview, and
other appropriate assessments and techniques . . .” (Texas Health & Safety Code
§ 841.023). Currently, the PCL–R is the only psychopathy measure that Texas
evaluators use for these contracted assessments (although in the first year after the
SVP process began, a few evaluators attempted to use other measures or neglected
psychopathy assessment entirely; Amenta, 2005). The purpose of the contracted
assessment is to determine whether the offender has a “behavioral abnormality
that makes the person likely to engage in a predatory act of sexual violence”
(Texas Health & Safety Code § 841.023).

3 Levenson (2004a, 2004b) reported an absolute agreement ICC of .84, but this was the ICC for
multiple raters (J. Levenson, personal communication, July 14, 2008). We used the Spearman–
Brown prophecy formula to calculate a single evaluator value of .72.
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After reviewing these commissioned behavioral abnormality assessments
performed by contracted psychologists, the MDT refers cases to the SPU if results
suggest that the offender has a behavioral abnormality that may make him likely
to commit future acts of predatory sexual violence. Thus, not all offenders who
are assessed for psychopathy are referred to the SPU. Moreover, not all offenders
referred to the SPU are pursued for civil commitment. The SPU has historically
pursued approximately 10–15 cases per year. Case outcomes usually are decided
by a jury, although offenders have the option of having their case heard by a judge
(bench trial) or agreeing to commitment without a trial (agreed judgment). Of the
72 offenders pursued for commitment by the SPU as of early 2008, 81% had been
civilly committed by a jury, 7% had been civilly committed by a judge, and 8%
agreed to the conditions of civil commitment. Only one offender pursued for
commitment was not committed, and that decision was made by a jury.

Offenders

The SPU database contained information about the 425 offenders referred to
the SPU by the MDT between September of 1999 and September of 2006.
Although these offenders are only a subset of those who underwent a behavioral
abnormality assessment, we do not know the exact proportion of offenders who
underwent behavioral abnormality assessments and were referred to the SPU. A
partially overlapping database of Texas SVP risk scores maintained by the TDCJ
(Caperton, 2005) suggests that approximately 70% of the offenders assessed for
psychopathy between September 1999 and March 2005 were eventually referred
to the SPU.

PCL–R scores were available for 386 of the 425 (90.8%) offenders (see
Figure 1). Of the 39 offenders with no PCL–R score, 24 had been referred for
evaluation within the first 9 months of the implementation of the Texas SVP
law, suggesting that the absence of PCL–R scores for these offenders may be
attributable to uncertainty about assessment requirements when the law took
effect. Indeed, only 14 of the 32 offenders evaluated in 1999 received a
PCL–R score. The evaluator was identified by name in the dataset for 321 of
the 386 cases (83.2%) with a PCL–R score. We do not know why evaluator
names were included for some cases but not others. We have no reason to
believe that there is a systematic pattern in these missing evaluator names
(e.g., that one evaluator was more likely than another to have his or her name
omitted).

The present study focuses on the 321 offenders who had both a PCL–R score
and an identifiable evaluator. These offenders did not differ from the excluded
offenders in mean PCL–R scores, t(384) � 0.27, p � .80, Cohen’s d � .04; age,
t(421) � 0.98, p � .33, Cohen’s d � .11; or race, �2(2, N � 424) � 1.10, p �
.58, Cramer’s V � .05. The mean age for the final sample of 321 offenders was
41.96 (SD � 11.28), with 53.5% (n � 172) identified as White, 29.0% (n � 93)
identified as Black, and 17.4% (n � 56) identified as Hispanic. There was only
one female offender in the sample, and she had both a PCL–R score and an
evaluator identified.

Offenders included in the study were more likely than excluded offenders
to have been pursued for commitment by the SPU (22.1% vs. 1.9%), �2(1, N �
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424) � 22.3, p � .01, � � .23. One possible explanation for this finding is that
offenders with missing PCL–R or evaluator information in the SPU database
tended to be those who were not considered strong candidates for commit-
ment. Overall, of the 321 offenders included in the study, the SPU pursued 71
(22.1%) for civil commitment. Most of these offenders were found to be SVPs
by a jury (n � 52, 74.6%), although some agreed to SVP status (n � 14,
19.7%) or were found to be SVPs after a bench trial (n � 4, 5.6%). One (1.4%)
offender had been pursued for commitment but was found by a jury to not
meet commitment criteria.

Twenty-two offenders had multiple PCL–R total scores from state-
contracted evaluators. Twenty-one offenders had two scores, and 1 offender
had three scores. Eleven of these offenders had been evaluated for commit-
ment on two separate occasions, often several years apart. The length of time
between the SPU’s receipt of the first and second scores for these offenders
ranged from 1.4 to 4.8 years (M � 3.56, SD � 1.01). These cases involved
offenders who were considered— but not pursued—for SVP commitment
while they were incarcerated. They were subsequently released, either to
reoffend or violate supervision conditions, resulting in a second period of
incarceration and consideration for SVP commitment. Three were committed
after their second evaluation. For the other 11 offenders, both PCL–R scores
were presented when the cases were pursued for trial, suggesting that the
evaluations occurred within several months of one another. These cases
involved a PCL–R score from the original contracted evaluator who performed
the screening assessment and a second PCL–R score from another evaluator
retained specifically for trial.

Total sample 
N = 425

PCL-R score reported 
n = 386 

No PCL-R score 
n = 39 

Evaluator not identified 
n = 65 

PCL score & 
evaluator identified 

n = 321 

One PCL-R Score  
n = 299 

Two PCL-R scores  
n = 22 

Figure 1. Availability of Psychopathy Checklist—Revised (PCL–R) scores and
evaluator names.
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In most of the study analyses, we used only one PCL–R score from each
of the 22 offenders with multiple scores. The score we chose was the score
from the evaluator who had performed the fewest evaluations in the dataset.
Thus, if one examiner had 20 other scores in the dataset and another had 5
other scores, we used the score from the evaluator with 5 scores. This
approach allowed us to maximize the data available for the evaluators who
appeared less often in our data.4 The only analyses using multiple scores for
one offender are the test–retest analyses reported at the end of the Results
section.

Evaluators

There were 21 evaluators identified in the SPU database, although one
evaluator who had performed six evaluations never reported a PCL–R score. The
number of PCL–R scores from the remaining 20 evaluators ranged from 1 to 107,
with an average of 17.15 (SD � 26.61) scores per evaluator (Mdn � 7.0
evaluations). There were four evaluators who provided only one PCL–R score,
seven evaluators who provided between 2 and 9 scores, five evaluators who
provided between 10 and 19 scores, three evaluators who provided between 36
and 65 scores, and one evaluator who provided 107 scores.

Evaluators who contract with the TDCJ to perform these evaluations are
required to demonstrate a doctoral degree, a license to practice psychology in
the state of Texas, experience in the assessment and/or treatment of sexual
offenders, and qualification to administer the PCL–R and sex offender risk
measures. However, beyond these general requirements, there are no specific
ways in which these requirements are operationalized. For example, there is
not a specific PCL–R training program required or a specific number of
continuing education hours delineated.

When considering the differences in PCL–R scores evaluators assign, it is
important to consider whether the evaluators are administering the PCL–R to
similar samples of offenders. The contracted evaluators in our sample were
assigned cases by an office within the TDCJ. The office assigns evaluators to
offenders based, to some degree, on geography. For example, evaluators in east
Texas are never asked to commute 10 hours to west Texas. However, every region
and prison unit is served by multiple evaluators, and the office takes several steps
to discourage any evaluator from being overrepresented in any region or prison
unit. For example, the office may assign an evaluator who lives in town A to travel
1 hr south to conduct an assessment at a prison in town B while requesting that
an evaluator who lives in town B travel 1 hr west to interview an offender in at
a prison in town C. Moreover, some inmates are transferred from units in less
populated areas to units closer to urban areas to reduce evaluator travel and allow

4 We also conducted all study analyses using scores for the most frequently appearing
evaluators to examine whether our score selection procedure for these 22 cases may have biased the
study results. All analyses revealed a similar pattern of results, regardless of how we handled this
small proportion (6.8%) of cases.
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for a diversity of evaluators. The office acknowledges that such arrangements are
less efficient, and more expensive, than arrangements based strictly on geography,
but it also emphasizes that these arrangements reduce the chance that one
evaluator has a disproportionate impact on offenders in one unit. In consulting
with this office, we could identify no reason to believe that any evaluator was
likely to see a systematically different subsample of offenders (e.g., those higher
in psychopathy, more likely to be diagnosed with pedophilia, designated higher
security) than another evaluator. Indeed, the office makes efforts to ensure this is
not the case (H. Henderson, personal communication, July 16, 2008). Some
evaluators performed more evaluations than others, primarily because they
worked as contracted evaluators for a longer period of time.

Measures

PCL–R. The SPU database provided only total scores for the PCL–R. No
factor or item scores were available. For the 386 offenders with a PCL–R total
score, scores ranged from 2 to 40 (M � 23.02, SD � 7.68). For the 321
offenders who had an identified evaluator, the mean PCL–R score was 23.01
(SD � 7.61).

Pedophilia diagnosis. The SPU database included up to three diagnoses
for each offender. These diagnoses were provided by the same evaluators who
conducted the PCL–R evaluations. The SPU database did not provide any
information about the methods evaluators used to reach these diagnoses,
although our experience is that diagnoses usually are based on clinical
judgment (following interview and record review) as opposed to the results of
measure or structured interview. The main diagnostic category of interest for
the present study was pedophilia. Research suggests that those who sexually
offend exclusively against children have lower PCL–R scores than those who
sexually offend against adults (Porter et al., 2000; 2001). Thus, knowing
whether an offender has been diagnosed with pedophilia may be an important
factor explaining variance in PCL–R scores. Slightly fewer than half of the
offenders (n � 135, 42.1%) were diagnosed with pedophilia. The fact that the
same evaluator provided both the PCL–R score and diagnosis for the same
offender raises concerns about possible criterion contamination (e.g., scores
influencing diagnoses, or vice versa). PCL–R items and criteria for pedophilia
do not overlap, suggesting that criterion contamination should not be a major
concern in the present study. However, it is possible that evaluators familiar
with research findings concerning the generally low PCL–R scores of people
who offend against children may have been influenced by those findings when
scoring the PCL–R or making diagnoses.

The most common diagnosis given to offenders was antisocial personality
disorder (n � 176, 54.8%). Other common diagnoses included substance use
disorder (n � 124, 38.6%) and sexual abuse (n � 101, 31.5%) V-codes.
Diagnoses relating to other Axis I (n � 42 offenders, 13.1%) or Axis II (n �
53 offenders, 16.5%) diagnoses were relatively uncommon. Few offenders
were given a diagnosis of paraphilia not otherwise specified (n � 28, 8.7%).
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Results

Table 1 provides descriptive statistics for the PCL–R total scores from
evaluators who reported two or more PCL–R total scores. For offenders with
multiple PCL–R total scores, only one score per offender was used to calculate
the results in Table 1 (see explanation given earlier). Mean PCL–R total scores
ranged from 17.50 to 31.75 for evaluators who reported at least 10 scores. For
evaluators with 20 or more scores, mean PCL–R total scores ranged almost 10
points, from Evaluator O’s mean of 17.50 (40 scores) to Evaluator D’s mean
of 27.10 (60 scores). This pattern of variability in mean scores suggests that
evaluator differences may indeed account for a significant amount of variance
in the PCL–R total scores.

Evaluator Differences: Multilevel Linear Modeling (MLM)

MLM can be used to estimate the amount of variance in a set of measure
scores that is due to evaluators as opposed to other sources of variance. These
other sources of variance may include variance due to the construct being
measured, as well as variance due to other sources of error. An ideal study
would be designed so that all potential sources of error could be estimated,
such as variance due to potentially important differences among the evaluators
(e.g., training and experience with the measure), evaluation methods (e.g.,
type of records available, whether the offender was interviewed), and the
offender being assessed (e.g., diagnosis, offense history). The SPU database

Table 1
Descriptive Statistics for the PCL–R and Case Outcomes for Evaluators Who
Conducted Two or More Evaluations

Evaluator

PCL–R No. of
evaluations

% Cases pursued
for SVPM SD

A 31.75 5.69 12 33.3
B 29.60 4.09 10 30.0
C 28.50 4.95 2 50.0
D 27.10 6.05 60 26.7
E 25.43 4.30 15 13.3
F 25.13 6.02 23 26.1
G 21.55 0.78 2 0.0
H 21.44 11.96 10 40.0
I 21.33 4.68 6 33.3
J 21.18 5.31 6 0.0
K 20.83 7.51 12 8.3
L 20.78 5.60 104 20.2
M 19.75 9.41 8 0.0
N 18.25 6.02 4 0.0
O 17.50 8.78 40 17.5
P 7.67 3.51 3 33.3

Note. For offenders who were evaluated by multiple evaluators, the score from only one
evaluator (less frequently occurring evaluator) was used to calculate the statistics in this
table. SVP � sexually violent predators.
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used for this study provides little information about these potential sources of
variance. However, the database does provide information about pedophilia
diagnoses, which may be a significant source of variance in PCL–R total
scores among sexual offenders.

The first model specified was an unconditional random effects model,
examining the extent to which variability in PCL–R total scores could be
attributed to differences between evaluators. Evaluators were treated as a
random effect in this model because this allows for PCL–R total scores from
the same evaluator to be correlated (Norusis, 2003). In addition, a random
effects model is the appropriate model for generalizing findings to SVP
evaluators in general, as opposed to only those evaluators in the dataset. For
this analysis, we used data from all 20 evaluators who had provided at least
one PCL–R total score. Although this means that some evaluators (four in this
dataset) only provided one score and several provided more than 25, MLM
models are appropriate for data with this type of varying group or nest size
(see Tabachnick & Fidell, 2007). We used only one score for each offender.
For the 22 offenders with more than one PCL–R score, we used the score from
the evaluator who appeared less often in our dataset. This approach allowed us
to maximize the data available for the less prolific evaluators. All MLM
models were examined with the SPSS 15.0.

The unconditional effects model provides variance estimates for the
amount of variance in PCL-R total scores that is attributable to differences
between evaluators and the amount of variance attributable to residual sources
of variance. The sum of these two estimates is the total amount of variance.
The proportion of total variance due to differences between evaluators is an
ICC. The variance estimate for evaluators was 21.96 (SE � 10.25), which was
significantly different from zero (Wald Z � 2.14, p � .03). The residual
variance estimate was 42.96 (SE � 3.68). As seen in Table 2, the ICC for

Table 2
Summary of Intraclass Correlation Coefficients (ICCs) From Study Analyses

Variance in score ICC

One PCL-R total score per offender
Variance in PCL–R scores attributable to evaluators .34
Variance in PCL–R scores attributable to evaluators, controlling

for pedophilia diagnosis .31
Two PCL–R total scores per offender

Variance in PCL–R scores attributable to offenders standing
on PCL–R .47a

Variance in PCL–R scores attributable to evaluation
(first or second) �.01

Variance in PCL–R scores attributable to other sources .53

Note. PCL–R � Psychopathy Checklist—Revised.
a ICC for a single evaluator and absolute agreement.
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evaluators was .34, indicating that 34% of the variance in PCL–R total scores
was attributable to differences between evaluators.5

We added pedophilia to the model as a fixed effect to determine whether PCL–R
total scores differed for offenders with and without a pedophilia diagnosis and
whether knowing the offenders’ status as a person with or without a pedophilia
diagnosis may reduce the amount of variance due to evaluators. In this model,
offenders with a pedophilia diagnosis did have significantly lower PCL–R total scores
than did offenders without a pedophilia diagnosis; parameter estimate � 3.92, SE �
0.75; t(312.8) � 5.25, p � .01. Specifically, offenders diagnosed with pedophilia had
a mean PCL–R total score of 19.93 (SD � 7.51) and offenders not diagnosed with
pedophilia had a mean score of 24.74 (SD � 7.01), which is a medium-sized effect
(Cohen’s d � .67). The random effect estimate of variance attributable to evaluators
was reduced to 18.10 (SE � 8.75), and the residual variance was reduced to 39.88
(SE � 3.26). However, 31% of the variance in PCL–R total scores was still attrib-
utable to differences between evaluators, even when we accounted for the role of
pedophilia diagnoses among the offenders.

We examined a third model in which the interaction between evaluators and
offenders pedophilia status was entered into the model. If this effect was signif-
icant it would suggest that the pattern of lower scores for pedophilia offenders
may not apply to all evaluators. The interaction term did not approach statistical
significance (Wald Z � 0.81, p � .42).

Relation Between Evaluators, PCL–R Scores, and Cases Pursued
for Commitment

Overall, PCL–R total scores for offenders pursued for commitment (M �
24.43, SD � 7.82) were somewhat higher than scores from offenders who were
not pursued for commitment (M � 22.23, SD � 7.42), although the effect size for
this difference (d � .29) was small, t(319) � 2.17, p � .03. Thus, some evaluators
appeared to assign higher PCL–R scores to offenders than other evaluators, and
offenders pursued for commitment had higher PCL–R scores than offenders not
pursued for commitment. Together, these findings might suggest that state-
contracted evaluators who tend to report high scores on the PCL–R may be more
likely than other evaluators to have their cases pursued for commitment.

Therefore, we used hierarchical generalized linear modeling (HGLM) to
examine the extent to which cases being pursued for civil commitment by the SPU
could be attributed to differences among evaluators. We used HLM 6.3 (Rauden-
bush, Bryk, Cheong, & Congdon, 2004) for this analysis and specified a Bernoulli
distribution, which is the modeling approach that Raudenbush et al. (2004)
recommend for a dichotomous outcome (case pursued for commitment � 1, case
not pursued for commitment � 0). The unconditional random effects model

5 We also ran models in which we constricted the sample to only (a) the four evaluators who
had 20 or more scores or (b) the 18 evaluators who had fewer than 50 evaluations. The first model
served as a check to determine whether the most prolific evaluators were having a unique impact on
the results. The second model was used as a check to determine whether the less prolific evaluators
were having a unique impact. The overall pattern of effects was similar for these models, with 30%
and 29% of the variance attributable to differences between evaluators, respectively.
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(evaluators as a random effect) revealed that the variance in SPU decisions that
could be attributed to evaluators was very small (variance component � .001),
�2(19, N � 321) � 24.8, p � .17. Because error variance is not defined in HGLM
models, it is not possible to calculate directly the proportion of variance in SPU
decisions to pursue commitment attributable to evaluators. However, an estimate
of the proportion (see Twisk, 2006) in this present dataset is less than 1%. This
finding suggests that SPU decisions to pursue cases for commitment were similar
for each evaluator, which means that the evaluator differences in PCL–R total
scores reported earlier do not lead to some evaluators (i.e., those who give the
highest PCL–R scores) being overrepresented in cases that go to trial.

The lack of a significant relation between PCL–R total scores given by specific
evaluators and the SPU’s pursuit of cases can be seen in Table 1. For example,
Evaluator H was slightly lower than the mean in terms of the PCL–R scores he
assigned to offenders (M � 21.44 over 10 cases), but 40% of the offenders he
evaluated went to trial. Evaluator A, who assigned the highest PCL–R scores
(M � 31.75 over 12 cases) evaluated a similar number of offenders, but only
33.3% went to trial. Each of the evaluators with 20 or more evaluations had
about 20% of their cases pursued by the SPU (range � 17.5%–26.7%).

Test–Retest Agreement
A subset of 22 offenders had multiple PCL–R total scores. The 44 scores used for

this analysis came from 15 different evaluators. For the one offender with three
PCL–R total scores, we used only the two scores that were presented in court. We
used a two-way random effects model to obtain variance components necessary to
calculate the single evaluator absolute agreement ICC for the PCL–R and the amount
of variance attributable to being an initial or subsequent evaluator. Murrie et al. (in
press) found that 20% of the variance in their set of PCL–R total scores was
attributable to being an initial or subsequent evaluator, although the two evaluators
differed in that they were retained by opposing counsel. In the present study, both
evaluators performed their evaluations for the same side of the case.

For the 22 sets of PCL–R scores, the absolute agreement ICC for a single
evaluator was .47 (95% confidence interval [CI]: .09–.74). This figure is much closer
to the .40 to .42 ICCs reported by Murrie et al. (in press) for opposing evaluators than
the .72 ICC calculated from Levenson (2004a) for state-contracted SVP evaluators.
However, less than 1% of the variance in scores was attributable to being a first or
second evaluator on the same side of the case, in contrast to the 20% of variance
attributable to evaluators working for different sides of the case (Murrie et al., in
press). The remaining 53% of the variance in PCL–R scores was attributable to other
sources of systematic or random error. The analyses reported earlier in this study
suggest that one likely source of error variance contributing to this 53% of the
variance in PCL–R total scores is the variance attributable to individual evaluators.
However, the proportion of variance due to evaluators cannot be calculated directly in
this smaller dataset, which includes only cases with multiple evaluators.

For each of the 22 cases with multiple scores, we were able to identify the
evaluator who performed the initial state evaluation. We used a paired-samples t test
to compare the PCL–R total scores from the initial evaluator with those from the
subsequent evaluator. Scores increased slightly from the first evaluation (M � 24.99,
SD � 8.31) to the second evaluation (M � 26.94, SD � 6.54), but this increase was
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small (Cohen’s d � .26) and not large enough to reach statistical significance, t(21) �
1.20, p � .25. This slight increase is nearly identical to the increase in PCL–R total
scores reported by Rutherford, Cacciola, Alterman, McKay, & Cook (1999) over a
2-year period (d � .24; calculated from Rutherford et al., 1999, Table 1).

Eleven offenders were evaluated for commitment, were not pursued for
commitment by the state, and were referred for an evaluation a second time (1.4
to 4.8 years later). Ten of these offenders had PCL–R total scores for both their
first and second state-commissioned evaluations. For these 10 cases, we were able
to calculate the time that had elapsed between the first and second evaluations and
examine whether the amount of time between evaluations was associated with the
amount of change in PCL–R scores. These analyses are conceptually important,
because there may be good reasons to anticipate that the passage of time could
relate to reasonable changes in PCL–R scores (e.g., offender engages in new
significant behaviors, new records become available).

Therefore, we calculated a PCL–R difference score for the 10 offenders by
subtracting their first evaluation scores from their second evaluation scores. Thus,
offenders whose scores increased over time had positive difference scores, and those
whose scores decreased had negative difference scores (M � 1.86, SD � 7.67,
range � �15–17). The correlation between difference scores and years between
evaluations was �.13 (p � .72), suggesting that there was no clear relation between
the amount of time between evaluations and an increase in PCL–R total scores. We
also calculated the correlation between elapsed time and the absolute value of the
difference score. This correlation provides information about whether more time
between evaluations was associated with the size of the difference between scores, as
opposed to an increase in scores. This correlation was �.34 (p � .33), suggesting that
there was a nonsignificant (and somewhat surprising) trend for difference scores to be
larger when the two evaluations were closer together in time.

Discussion
Evaluator Agreement for the PCL–R in SVP Cases Is Lower
Than Expected

Findings from the present study and those from Murrie et al. (in press) comple-
ment one another by showing that PCL–R scores from two evaluators in SVP cases
reveal more disagreement than we would expect on the basis of published research,
regardless of whether the evaluators were working for the same side of the case
(ICC � .47 in the present study) or opposing sides of the case (ICC � .40 to .42;
Murrie et al., in press). Although neither of these studies can completely explain why
agreement is so low, each provides information about a potential cause. Findings from
the present study suggest that about 30% of the variance in PCL–R total scores can
be attributed to differences among evaluators, even on the same side of the case.
Findings from Murrie et al. (in press) suggest that about 20% of the variance in
PCL–R total scores can be attributed to adversarial allegiance. We cannot assume that
these proportions apply in exactly the same magnitude in both studies, but if they did,
this would explain most of the disagreement in PCL–R total scores. Specifically,
about 45% of the variance would be attributable to offenders’ true standing on the
PCL–R; about 30%, to evaluator differences; and about 20%, to adversarial alle-
giance. These values add up to explain 95% of the variance in scores.
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Adversarial Allegiance and Evaluator Scoring Differences Are Different
Sources of Error

Findings from the present study and that of Murrie et al. (in press) suggest that
adversarial allegiance and evaluator scoring differences are different sources of
error. In the present study, all evaluations were performed for the same side of the
case, making it unlikely that differences in adversarial allegiance were responsible
for the 30% of variance in PCL–R total scores that was attributable to evaluators.
It is possible that some evaluators in the present study may have been more
influenced by the pull of allegiance than others. Perhaps evaluators who system-
atically gave higher PCL–R total scores were more influenced by allegiance than
evaluators who gave lower scores. However, findings from Murrie et al. (in press)
suggest that scoring differences between evaluators working on the same side of
the case cannot explain the allegiance effect they observed among opposing
evaluators. In 13 of their 35 cases, the offender was evaluated by two state-
commissioned evaluators. The opposing-evaluator ICCs for the PCL–R were
nearly identical, regardless of whether researchers used the highest or lowest score
from a state-retained expert. Likewise, the proportion of variance attributable to
adversarial allegiance was relatively unchanged, regardless of whether researchers
used the highest or lowest score from a state-retained expert.

Findings from the present study provide further evidence of an allegiance effect
in Murrie, Boccaccini, Johnson, and Janke’s (2008) data, by showing that evaluators
who give the highest PCL–R scores are not overrepresented in the small number of
cases that go to trial. If state-contracted evaluators who gave especially high scores
had been disproportionately likely to have their cases taken to trial, it would suggest
that the adversarial allegiance effect observed in trial data could be explained by a few
atypical evaluators who give exceptionally high PCL–R scores being overrepresented
in trials. However, neither this study nor the studies focusing on scores from depo-
sition and trial data (Murrie, Boccaccini, Johnson, & Janke, 2008; Murrie et al., in
press) found much evidence for this possible explanation.

Implications for Policy

Ultimately, the field must come to a consensus about the extent to which we
tolerate scores being influenced by individual evaluator differences and adversarial
allegiance. Completely eliminating evaluator differences and allegiance is probably
not possible. However, as the amount of variance attributable to evaluators ap-
proaches the amount of variance attributable to the offender, any score or opinion
from the evaluator becomes less useful and fails to serve the purpose for which
evaluators testify in court: to provide nonbiasing assistance to the trier of fact.

If a substantial portion of variance in PCL–R scores (or any other measure) is
attributable to the idiosyncratic scoring tendencies of the evaluators, this has substan-
tial implications for offenders and their case outcomes. The present study suggests
that PCL–R total scores were not associated strongly with the SPU bringing cases to
trial, but we cannot determine whether PCL–R scores were associated with cases
being referred to the SPU for consideration. In Florida, Levenson (2004b) found that
evaluators’ opinions about whether offenders should be pursued for SVP commitment
were strongly associated with scores from the PCL–R and other risk measures. We
could not examine whether a similar pattern of scores and referrals was present in
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Texas because we did not have any way to access PCL–R scores from offenders who
were not recommended by evaluators for commitment. However, if Levenson’s
(2004b) findings did generalize to Texas, the present study would suggest that
evaluator differences in PCL–R scoring may partially explain which cases get referred
to the SPU and which do not. In other words, the decision about whether an offender
is referred for commitment may relate, in part, to the tendencies of a particular
evaluator to report higher or lower scores. Again, we emphasize that findings from
this small sample may not reflect wide-scale practice. However, these findings do
suggest that systems tasked with implementing policy (e.g., systems responsible for
implementing SVP laws) should begin to examine whether evaluator variability
compromises any policy goals related to uniformity or consistency.

How can systems (e.g., correctional, criminal justice) reduce the influence of
evaluator scoring differences? One straightforward approach may be to initiate formal
training procedures that help to make best practices (particularly instrument admin-
istration and scoring) more standardized across evaluators who work within the
system. Systems could also benefit from quality control procedures such as
external review. However, if these quality control approaches do not appear to
reduce the influence of evaluator differences, it may be necessary to prioritize
assessment approaches that appear less vulnerable to evaluator idiosyncrasies.

Implications for Research

For the PCL–R, one important question for future research is the extent to which our
findings generalize to SVP evaluators in other states. Our finding of statistically significant
variability attributable to evaluators is consistent with a much smaller study from Wis-
consin (Roberts et al., 2002). We also found a relatively poor level of agreement between
state-contracted evaluators who had evaluated the same offender, which is inconsistent
with data from Florida showing a much higher level of agreement between evaluators
scoring the PCL–R for the same offender (Levenson, 2004a). Together, these limited
research findings from other states suggest that our findings from Texas may not be unique
but that stronger levels of agreement are possible among SVP evaluators. Perhaps the most
straightforward way for researchers to further our knowledge about evaluator variability in
assigning PCL–R scores in SVP cases is to examine, if possible, evaluator effects in
existing databases of these types of scores (e.g., Jackson & Richards, 2007; Levenson,
2004a; Vess, Murphy, & Arkowitz, 2004).

A related question for future PCL–R research is the extent to which our findings
of significant evaluator variability in assigning PCL–R scores generalize to other
types of forensic evaluation. Although SVP trials and hearings appear to be the most
common adversarial settings for PCL–R-related testimony, PCL–R scores are also
used with some frequency in other types of risk-relevant hearings and during the
punishment phase of criminal trials (see DeMatteo & Edens, 2006). Existing research
provides no information about evaluator variability in these types of cases.

Another question for future PCL–R research is the extent to which certain items
or groups of items may be vulnerable to evaluator differences and adversarial
allegiance. A finding that evaluator variability or disagreement was related to a certain
facet or factor may suggest that evaluators should emphasize scores from facets with
strong levels of rater agreement in their decision making process. Unfortunately, data
from Texas (the present study), Florida (Levenson, 2004a), and Wisconsin (Roberts
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et al., 2002) do not provide any information about rater agreement or scoring
tendencies for items, factors, or facets. However, recent research suggests that items
on Facet 4 (Antisocial) may be more resistant to the effects of evaluator variability and
that Facet 4 may be the most important facet for predicting recidivism. Rufino and
Boccaccini (2008) had nine doctoral students with PCL–R training and scoring
experience rate each PCL–R item with respect to the amount of subjectivity required
to score the item. The raters agreed about which items required more and less
subjective judgment (ICCC,9 � .94). The average subjectivity rating for items con-
tributing to Facet 4 were much lower than the average subjectivity rating for other the
facets (Cohen’s d � 3.00 for comparison of subjectivity required for Facets 1, 2, and
3 vs. Facet 4). Thus, items on Facets 1, 2, and 3 were seen as requiring much more
subjective judgment to score than items on Facet 4. This finding coincides with
findings from a recent examination of the incremental validity of PCL–R and the
PCL: Screening Version (Hart, Cox, & Hare, 1994) facet scores in six offender
samples, in which (a) Facet 4 was always a significant predictor of recidivism and (b)
Facets 1, 2, and 3 were almost never able to predict recidivism once Facet 4 scores
were taken into account (Walters, Knight, Grann, & Dahle, 2008).

A final question for future research is the extent to which findings for the PCL–R
generalize to other measures used in forensic assessment. Evaluator differences and
adversarial allegiance likely play some role in nearly all forensic assessment, whether for
scores on assessment instruments or other types of forensic decisions (e.g., diagnoses,
predictions, opinions). For example, recent research findings suggest that evaluators differ
noticeably in the proportion of offenders they believe to be incompetent to stand trial
(Murrie, Boccaccini, Zapf, Warren, & Henderson, 2008) or not guilty by reason of insanity
(Murrie & Warren, 2005). Moreover, Murrie et al. (in press) found that opposing evaluator
scores on the Minnesota Sex Offender Screening Tool—Revised (MnSOST–R; Epperson
et al., 1998) also showed a strong adversarial allegiance effect in Texas SVP cases.
Nevertheless, some measures or decisions may be less vulnerable to these effects than
others. For example, Murrie et al. (in press) found that only about 5% of the variance in
STATIC-99 (Hanson & Thornton, 1999) scores could be attributed to adversarial alle-
giance, as opposed to approximately 20% for the PCL–R and MnSOST–R. Moreover, the
same three evaluators who differed in the mean PCL–R scores they assigned to offenders
in Wisconsin did not differ in the STATIC-99 scores they assigned to offenders (Roberts
et al., 2002). Currently, we have only very limited knowledge about the extent to which
forensic measures and decisions are influenced by systematic sources of error, such as
evaluator differences and adversarial allegiance.

Limitations

Several features of the study design limit the extent to which findings from the
present study can be used to draw firm conclusions about evaluator differences in
scoring the PCL–R. First, evaluators were not assigned to cases in a truly random
pattern. True random assignment of evaluators to cases would be too costly for the
state. Thus, geographical location is the primary factor in the evaluator assignment
process, which allows the state to minimize the costs associated with travel reim-
bursement for experts. Those responsible for assigning evaluators to cases report that
there is no reason to suspect that some evaluators see offenders with higher levels of
psychopathy than others, nor could we identify any evidence to support the possibility
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that different evaluators saw substantially different subsamples of offenders. Never-
theless, we cannot entirely rule out the possibility that some evaluators were assigned
to evaluate offenders with higher true levels of psychopathy than others. Our finding
that even the most prolific evaluators gave notably different PCL–R total scores
argues against case assignment differences as an alternate explanation for our find-
ings. For example, it seems unlikely that an evaluator who performed 40 evaluations
(Evaluator O) consistently was assigned to offenders who, on average, differed by 10
points on the PCL–R from those assigned to an evaluator with 60 evaluations
(Evaluator D). In fact, Evaluator O and Evaluator D worked in the same geographical
area and served the same sample of prison units.

A related limitation is that there was a large range in the number of evalua-
tions performed by evaluators. This feature of the data raises questions about
whether more frequent evaluators may be more experienced and accurate in their
scoring than less frequent evaluators. Our finding that there was notable variabil-
ity among the most prolific evaluators suggests that SVP evaluation experience
did not significantly reduce variability and that the less frequently appearing
evaluators did not produce most of the score variability.

A third limitation is that either PCL–R scores or evaluator information were
missing for more than 100 offenders, suggesting that the data used for analyses
may not be perfectly representative of offenders referred to the SPU. Our analyses
suggested that offenders who were and were not included in the study were
similar in nearly all aspects, including mean PCL–R scores. The one exception
was that cases with missing data were less likely to have been pursued for
commitment, although most of the offenders included in the study analyses were
not pursued for commitment either.

A final limitation is that the data available for the study do not provide any
information about the general, forensic, or PCL–R-specific training of the 20
evaluators. Differences in the amount and quality of forensic and PCL–R training
are potential explanations for why more than 30% of the variance in the PCL–R
scores examined in this study appeared to be attributable to differences among
evaluators. Ultimately, the limitations of this study are a product of using
real-world evaluation data from a real-world sample of evaluators. We hope that
future studies of practicing evaluators can examine the potential influence of
evaluator training and experience on assigning PCL–R scores.

Conclusion

Findings from the present study converge with those from Murrie et al. (in press)
to provide possible explanations for why rater agreement for the PCL–R is lower than
expected in a statewide sample of SVP cases. In this context, individual evaluator
scoring tendencies and adversarial allegiance appear to be generally independent
sources of systematic error variance. Although the present study focuses on one
measure in one type of forensic evaluation context, these sources of error may also
operate similarly for other measures, in other types of forensic evaluations, and in
other jurisdictions. We hope that findings from the present study will encourage
additional research addressing field reliability for forensic assessment measures and
opinions and move the field toward a more complete understanding of these issues in
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practice. Ultimately, information from these studies can be used to decide what, if
anything, the field needs to do to improve reliability in forensic assessment.
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Call for Nominations

The Publications and Communications (P&C) Board of the American Psychological
Association has opened nominations for the editorships of Developmental Psychology,
Journal of Consulting and Clinical Psychology, and Psychological Review for the
years 2011–2016. Cynthia Garcı́a Coll, PhD, Annette M. La Greca, PhD, and Keith
Rayner, PhD, respectively, are the incumbent editors.

Candidates should be members of APA and should be available to start receiving
manuscripts in early 2010 to prepare for issues published in 2011. Please note that the
P&C Board encourages participation by members of underrepresented groups in the
publication process and would particularly welcome such nominees. Self-nominations are
also encouraged.

Search chairs have been appointed as follows:

● Developmental Psychology, Peter A. Ornstein, PhD, and
Valerie Reyna, PhD

● Journal of Consulting and Clinical Psychology, Norman Abeles, PhD
● Psychological Review, David C. Funder, PhD, and Leah L. Light, PhD

Candidates should be nominated by accessing APA’s EditorQuest site on the Web.
Using your Web browser, go to http://editorquest.apa.org. On the Home menu on the left,
find “Guests.” Next, click on the link “Submit a Nomination,” enter your nominee’s
information, and click “Submit.”

Prepared statements of one page or less in support of a nominee can also be submitted
by e-mail to Emnet Tesfaye, P&C Board Search Liaison, at etesfaye@apa.org.

Deadline for accepting nominations is January 10, 2009, when reviews will begin.
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