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In a recent study of sex offender civil commitment proceedings, Murrie et al. (Psychol Public Policy Law
15:19–53, 2009) found that state-retained experts consistently assigned higher PCL-R total scores than
defense-retained experts for the same offenders (Cohen’s d � .83). This finding raises an important
question about the validity of these discrepant scores: Which type of score, state or defense evaluator,
provides the most useful information about risk? We examined the ability of PCL-R total scores from
state and defense evaluators to predict future misconduct among civilly committed sex offenders (N �
38). For comparison, we also examined predictive validity when two state experts evaluated the same
offender (N � 32). Agreement between evaluators was low for cases with opposing experts (ICCA,1 �
.43 to .52) and for cases with two state experts (ICCA,1 � .40). Nevertheless, scores from state and
defense experts demonstrated similar levels of predictive validity (AUC values in the .70 range), although
scores from different types of state evaluators (corrections-contracted vs. prosecution-retained) did not.
The finding of mean differences between opposing evaluator scores, but similar levels of predictive
validity, suggests that scores from opposing experts in SVP cases may need to be interpreted differently
depending on who assigned them. Findings have important implications for understanding how rater
disagreement may relate to predictive validity.
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A recent study of risk scores from Sexually Violent Predator
(SVP) civil commitment proceedings revealed that Psychopathy
Checklist-Revised (PCL-R; Hare, 2003) total scores from state-
retained experts were consistently higher than scores from
defense-retained1 experts (Murrie et al., 2009; see also Murrie,
Boccaccini, Johnson, & Janke, 2008). Rater agreement between
opposing experts was poor (ICCA,1 � .40 to .42), and well below
the rater agreement values typically reported for the PCL-R in
research contexts (i.e., ICC1 values �.85; Hare, 2003). Cohen’s d
effect sizes for comparisons between PCL-R scores from state and
defense experts were large (d � .80). In half (49%) of the cases,
the difference in scores from opposing experts was more than
twice the PCL-R’s standard error of measurement, with all but two
of these differences in the direction consistent with adversarial
proceedings. In other words, in cases with larger than expected
discrepancies, it was almost always the state evaluator assigning a
higher PCL-R score and the defense evaluator assigning a lower
PCL-R score. Results from this study (Murrie et al., 2008, 2009)
were the first to suggest that the scores forensic experts assign on

ostensibly objective instruments may be influenced by “adversarial
allegiance,” the pull for experts to reach conclusions that support
the party who retained them.

Findings from studies that document disagreement among op-
posing evaluators (see Lloyd, Clark, & Forth, 2010: Murrie et al.,
2008, 2009) prompt the question, “When evaluators disagree, who
is correct?” One way to explore this issue is by examining whether
scores from one set of evaluators are more predictive of a relevant
outcome measure than scores from the other set of examiners. In
this study, we examine the extent to which PCL-R total scores
assigned by state and defense experts predict future misconduct in
a sample of 38 offenders civilly committed as sexually violent
predators.2 If scores from one set of evaluators tend to be more
predictive of future misconduct, then this would suggest that their
scores are more relevant to questions of risk, and perhaps more
accurate, than those from the other set of evaluators.

1 “State-retained” refers to evaluators who were either retained by the
Texas Special Prosecution Unit (technically the petitioner in civil commit-
ment proceedings) or to evaluators who were contracted by the state
correctional system and subsequently testified for the petitioner. “Defense-
retained” refers to evaluators retained by the defense (technically the
respondent in civil commitment proceedings). We use the general terms
state and defense to communicate clearly with a broader audience.

2 The sample for this study is an updated sample of the committed
offenders examined by Murrie et al. (2009).
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Use of the PCL-R in Texas SVP Evaluations

In Texas, a multi-disciplinary team identifies sexual offenders who
are approaching release from prison and appear to be eligible for civil
commitment under SVP laws. The correctional system then refers
these offenders to psychologists and psychiatrists with whom they
maintain contracts. These corrections-contracted evaluators are re-
quired to conduct “testing for psychopathy” as part of a broader
evaluation intended to inform a decision about whether the inmate
manifests a “behavioral abnormality that makes the person likely to
engage in a predatory act of sexual violence” (Texas Health and
Safety Code § 841.023). All corrections-contracted evaluators use the
PCL-R to assess for psychopathy. Corrections-contracted evaluators
provide evaluation reports for the offenders, which are reviewed by
the correctional system and forwarded to the state’s Special Prosecu-
tion Unit (SPU) when the offender appears to meet criteria for
commitment. When the SPU gives notice that they intend to pursue
civil commitment for an offender, the offender (now a “respondent”
in the civil proceedings) can retain private defense counsel or—far
more commonly—receive indigent defense services from the State
Counsel for Offenders.

Since Texas began committing offenders in 1999, nearly all
offenders pursued for commitment have been scored on the PCL-R
by the initial corrections-contracted evaluator. There have been
only a few instances in which the corrections-contracted evaluator
did not score the PCL-R, apparently due to insufficient informa-
tion. Approximately one-third of the offenders pursued for com-
mitment have been rescored on the PCL-R by a defense-retained
expert who testified about PCL-R results in either a deposition or
trial. It is likely that others were rescored on the PCL-R by
defense-retained experts who did not testify, although there is no
way to estimate how often this has occurred. In about one-quarter
of all cases, the SPU has hired an additional evaluator (i.e.,
prosecution-retained) who has rescored the offender on the PCL-R.
In these cases, the SPU may have both the corrections-contracted
and prosecution-retained evaluators testify in court, or have only
the prosecution-retained evaluator testify in court.

Are Scores from State or Defense Evaluators Better
Predictors of Future Misconduct?

Although the ideal outcome measure for a predictive validity
study of PCL-R scores in SVP proceedings would be sexually
violent recidivism, all but one of the offenders pursued for com-
mitment in Texas has been committed, thereby tremendously lim-
iting the opportunity of committed offenders to commit new sex-
ually violent offenses. Texas maintains an outpatient commitment
program (unlike all other states with SVP laws, which use inpatient
commitment to hospitals) that places committed offenders on
intensive supervision, requires them to reside in halfway houses in
the community, and restricts them from leaving the facility without
prior approval from a case manager. Offenders are also required to
follow court ordered program requirements which include but are
not limited to the following: shall actively participate in and attend
treatment, shall submit to polygraph and plethysmograph evalua-
tions, shall not use controlled substances or alcohol, shall abide by
global positioning tracking requirements, shall abide by a 1,000
foot child safety zone, and shall not have contact with victims or
potential victims. Failure to comply with program requirements
may result in a new felony conviction.

Although the PCL-R was not designed as a risk measure, nor is
it a particularly strong predictor of sexual recidivism (Hare, 2003),
PCL-R total scores are moderate-sized predictors of misconduct—
including both aggressive and non-aggressive disciplinary infrac-
tions (r � .30 to .40)— among incarcerated Texas sex offenders
(Buffington-Vollum, Edens, Johnson, & Johnson, 2002; Edens,
Buffington-Vollum, Colwell, Johnson, & Johnson, 2002). PCL-R
total scores are also small (r � .17 to .20), but statistically
significant predictors of failure on supervision (e.g., parole, con-
ditional release, etc.) among sex offenders in other jurisdictions
(Serin, Peters, & Barbaree, 1990; Seto & Barbaree, 1999). Thus,
misconduct within the SVP program provides a useful criterion
upon which to evaluate the validity of PCL-R total scores from
state and defense experts.

Can Scores from State and Defense Evaluators Both
Predict Misconduct?

The poor agreement between state and defense evaluators (i.e.,
Murrie et al., 2008, 2009) may, at first glimpse, seem to suggest
that PCL-R total scores cannot predict anything in this sample.
Indeed, reliability is often considered an important precursor to
validity, and it seems unlikely that two measures that are poorly
related to one another (i.e., two sets of PCL-R scores) would both
predict the same outcome (i.e., misconduct). However, there are
different types of rater-agreement coefficients, and they differ in
terms of what they mean for prediction. Murrie et al. (2009) used
a single evaluator, absolute agreement intraclass correlation coef-
ficient (ICCA,1) to examine rater agreement. This coefficient is
important for considering the scores experts provide in testimony
or reports because experts usually report only one score (single
evaluator) and compare the exact value of that score (absolute
value) to PCL-R norms. If two evaluators disagree regarding the
PCL-R scores they report in court, then their interpretations will
also differ because they are comparing offenders to the same
PCL-R norms and the same conventions for interpretation (for
example, the convention of delineating scores of 25 or above as
reflecting at least “high” psychopathy; see Hare, 2003, p. 31, for
score descriptors and limits of their use).

However, most predictive validity analyses do not compare
scores to predetermined normative values. Pearson correlations,
regression and survival analysis coefficients, t tests, Cohen’s d
effect sizes, and area under the receiver operating characteristic
curve (AUC) values are based on analyses that consider the extent
to which risk scores tend to place offenders in the desired order,
with higher risk offenders obtaining higher risk scores than lower
risk offenders. Or, similarly, they consider whether one group (i.e.,
recidivists) scores higher than another (i.e., non-recidivists). The
actual values of the scores usually do not matter.3 It may be that
PCL-R total scores from state and defense evaluators tend to order
offenders in the same manner, even though there is a large mean
difference between scores from the two sets of evaluators. Con-
sistency agreement ICC values allow us to examine whether eval-
uators tend to rank order offenders similarly, regardless of whether

3 In regression analyses, the value of the scores influence the size of
unstandardized regression coefficients, but not standardized regression
coefficients.
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one type of evaluator assigned consistently higher or lower scores
than the other. In other words, consistency ICC values are used to
quantify rater-agreement when the actual values of the scores do
not matter, other than in providing information about order. Con-
sistency ICCs can be high even when evaluators assign very
different scores to the same offender, if their scores tend to order
offenders similarly. Thus, consistency ICCs can be strong even
when absolute value ICCs are poor.

The consistency ICC values that apply to predictive validity
analyses of scores from state and defense evaluators are single
evaluator consistency ICCs (ICCC,1), which are conceptually sim-
ilar to Pearson correlations between pairs of evaluators (Shrout,
1995). The single evaluator value coefficient applies because there
will be separate predictive analyses for scores from state and
defense evaluators. Thus, each analysis considers scores from a
single type of evaluator. If ICCC,1 values are strong, then it is
possible that both state and defense experts’ scores will predict
misconduct. A finding that scores from both state and defense
evaluators predict misconduct, despite the large mean difference in
scores from these two types of evaluators (Murrie et al., 2009),
would suggest that scores from state and defense evaluators need
to be interpreted differently. Specifically, that the PCL-R total
score that indicates a “high” level of risk for misconduct will be
lower for defense experts than state experts.

Opposing Evaluators Versus Pairs of State Evaluators

The data available for the current study also allows us to
examine the validity of scores from pairs of state evaluators. Prior
research has found that rater-agreement for the PCL-R total score
is poor among pairs of state evaluators in Texas (ICCA,1 � .47;
Boccaccini, Turner, & Murrie, 2008). However, while much of the
disagreement among opposing evaluators appeared to be attribut-
able to state evaluators assigning higher scores than defense eval-
uators, there was no evidence that one type of state evaluator
assigned systematically different scores than another. Thus, there
is no reason to suspect that ICCs for consistency agreement be-
tween corrections-contracted and prosecution-retained experts will
be stronger than absolute agreement ICCs. If this is the case, then
it is possible that one set of PCL-R total scores may predict
misconduct better than the other because the two sets of scores will
not have placed committed offenders in a similar order with
respect to risk (i.e., low to high). Thus, for offenders with pairs of
state evaluator scores, it may be that scores from one type of state
expert (i.e., corrections-contracted) will better predict misconduct
than those from another type of state evaluator (i.e., prosecution-
retained).

Would It Be Best to Average Scores Across
Evaluators?

We will also examine the predictive validity of PCL-R total
scores averaged across evaluators. In the PCL-R manual, Hare
(2003) “strongly recommend[s]” averaging PCL-R scores from
two or more raters to increase reliability and reduce measurement
error (p. 17). Hare (1998) has also argued that it is especially
important to average scores “In cases where the assessments are
likely to have a serious impact on an individual” (p. 113). Hare’s
recommendation to average scores is consistent with psychometric

theory. If scores from two evaluators are correlated, then a score
based on the average of the two evaluators’ scores will be more
reliable than the score from one evaluator (see Rosenthal, 1973).
Multiple evaluator ICCs are used to quantify the reliability of
scores averaged across pairs of evaluators, for both absolute
(ICCA,2) and consistency (ICCC,2).

Hare’s recommendation to average scores is also consistent with
validity research, which has shown that stronger rater agreement
coefficients are associated with stronger effect sizes, whether in
studies of risk measures (r � .21; Hanson & Morton-Bourgon,
2009), or other areas of social science research (r � .33; Peter &
Churchill, 1986). For example, Horowitz, Inouye, and Siegelman
(1979) found that correlations between an objective measure of
anxiety and clinician ratings of patients’ mood (averaged across
clinicians) increased as the number of clinicians increased. How-
ever, not everyone agrees that averaging PCL-R scores is a viable
solution. Campbell (2004) has noted that no empirical data exists
to support Hare’s position that the average of two PCL-R scores is
more accurate than a score from one evaluator. The current study
will provide empirical data to inform this debate.

Purpose of the Current Study

This study examines the extent to which PCL-R total scores
predict future misconduct in a sample of 57 civilly committed sex
offenders, 38 of whom have PCL-R total scores from both state
and defense evaluators and 32 of whom have PCL-R total scores
from two state evaluators. Although prior research with these
committed offenders has shown that state evaluators consistently
assign much higher scores than defense evaluators, both sets of
scores may predict misconduct, especially if consistency agree-
ment ICCs indicate that the two sets of scores tend to rank order
offenders similarly with respect to risk. If this is the case, then cut
score analyses should show that the score from a defense expert
that indicates “high” risk will be lower than the score from a state
expert that indicates “high” risk. For comparison purposes, we also
examine the extent to which scores from different types of state
evaluators predict misconduct, in those cases in which multiple
state evaluators scored the same offender on the PCL-R. Because
previous research within this sample has found no evidence that
one type of state evaluator assigns systematically different scores
than another (Boccaccini et al., 2008), it is possible that scores
from one type of state evaluator may better predict misconduct
than those from the other. For both types of cases (opposing
evaluator, two state evaluator), we examine whether scores aver-
aged across evaluators are more useful predictors than those from
a single evaluator. Overall, these findings should help us better
understand the practical implications of Murrie et al.’s (2008,
2009) findings, such as whether scores from disagreeing experts
can both predict misconduct and whether it may be best to average
scores across evaluators in adversarial contexts.

Method

Participants

At the time of data collection, 124 offenders had entered into the
Texas SVP program. The current study focused on offenders who
had been in the program for at least 6 months (N � 112), to ensure
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that they had some opportunity to commit a program violation. We
have opposing evaluator PCL-R total scores for 38 (33.9%) of-
fenders and two state evaluator scores for 32 (28.6%) offenders.
There were 13 offenders who had scores from opposing evaluators
and from both types of state evaluators. Thus, there were 57
different offenders included in at least one set of predictive validity
analyses. All of the committed offenders were male. The average
age among committed offenders was 50.27 (SD � 10.09). Approx-
imately half of the offenders were identified by the state as White
(n � 28, 49.1%), with others identified as Black (n � 16, 28.1%)
or Hispanic (n � 13, 22.8%). Participants had been committed for
an average of 4.10 years (SD � 2.51) prior to the collection of
misconduct data.

Evaluators

For 56 of the 57 committed offenders, a corrections-contracted
evaluator scored the PCL-R as part of a behavioral abnormality
evaluation. There were 14 different corrections-contracted evalu-
ators who scored the PCL-R for at least one committed offender
(M � 4.07 scores, SD � 3.99, range � 1 to 14). The correctional
system uses findings from these corrections-contracted evaluations
to help identify offenders who may meet criteria for commitment,
and forwards cases that appear to meet criteria to the SPU. Ap-
proximately 20% of offenders who undergo behavioral abnormal-
ity evaluations are eventually pursed for commitment by the Spe-
cial Prosecution Unit (SPU; Boccaccini et al., 2008).

For 33 offenders, the prosecution retained a second evaluator
who also scored the PCL-R. There was one case in which a
prosecution-retained evaluator scored the PCLR, but the con-
tracted evaluator did not. There were six different prosecution-
retained evaluators who provided at least one PCL-R score (M �
5.33 scores, SD � 6.09, range � 1 to 16), although most scores
came from two different evaluators. One prosecution-retained
evaluator provided scores for 16 offenders and the other provided
scores for nine offenders. Five of the six prosecution-retained
evaluators also performed corrections-contracted evaluations.
These five evaluators were corrections-contracted evaluators in
some cases, and prosecution-retained evaluators in others. There
were nine defense-retained evaluators who provided at least one
PCL-R score (M � 6.78 scores, SD � 6.58, range � 1 to 13), and
there were five respondents who had been scored on the PCL-R by
two different defense-retained experts. We do not have informa-
tion about the PCL-R training or experience of the evaluators who
provided scores for this study.

Measures

PCL-R. The Psychopathy Checklist-Revised (PCL-R; Hare,
1998,2003) is a 20-item checklist that requires a review of records
and a semi-structured interview to complete. The rater assigns a
score of 0 (not present), 1 (possibly present), or 2 (definitely
present) to quantify the degree to which the examinee manifests
particular psychopathy criteria. Within research contexts, reliabil-
ity values for the PCL-R are generally quite strong. The PCLR
manual (Hare, 2003) reports interrater reliability values for a single
evaluator (ICC1) from .86 for male inmates to .88 for male
forensic psychiatric patients. However, as emphasized above,
agreement values appear poorer in the field (Boccaccini et al.,
2008; Lloyd et al., 2010; Murrie et al., 2008, 2009).

We obtained PCL-R scores from trial and deposition transcripts
provided by the SPU (see Murrie et al., 2008, 2009) and from
offender files maintained by the Texas Department of Criminal
Justice. Although PCL-R factor scores were available for some
committed offenders, there were only five offenders with factor
scores from at least one state and one defense evaluator, and only
eight with factor scores from both types of state evaluators.

Misconduct. The Texas Council on Sex Offender Treatment
(CSOT) provided misconduct data in the form of Incident-Warrant
Reports. CSOT provided separate reports for felonies, misdemean-
ors, civil commitment convictions, parole revocations, and parole
transfers to intermediate sanction facilities. These reports listed the
type and date of conviction, but did not contain any information
about the specific behavior that led to the conviction.

The most common type of misconduct was a civil commitment
conviction (n � 32, 56.1%), which is a third-degree felony con-
victions (see Texas Health and Safety Code § 841). A program
participant can be charged with a civil commitment violation if he
fails to comply with the court’s order of commitment. Court orders
in SVP cases vary from offender to offender, but generally require
the offender to reside in a residential facility approved by CSOT,
participate and comply with a specific course of treatment, submit
to GPS tracking, avoid controlled substances, and avoid contacting
victims. Upon entering treatment, participants sign a Treatment
Behavior Contract form and an Agreement Regarding Therapeutic
Activities form that, together, outline conditions of treatment com-
pliance. These forms cover a range of specific behaviors including
but not limited to, agreeing to actively participate and attend
treatment, submitting to polygraphy and plethysmography, and
avoiding and controlling deviant sexual thoughts, fantasies, and
masturbation. These contracts also state that the participant shall
not possess pornography or obscene pictures, shall not have con-
tact with victims or potential victims, and shall not engage in
casual sex (i.e., sex outside of a committed, monogamous relation-
ship).

The second most common type of misconduct among the of-
fenders in the current study was a parole violation, which led to
parole revocation or transfer to an intermediate sanction facility
(n � 19, 33.3%). For an offender on parole, the same behavior can
lead to both a parole violation and a civil commitment violation. In
these instances, the state may pursue conviction for only the parole
violation because the burden of proof (probable cause) is lower for
parole violations than civil commitment violations (beyond a rea-
sonable doubt).

None of the men in our sample (or in the population of men
committed to the SVP program) has been charged with a new
sexual offense. Eight (14.0%) had been convicted of a new felony
or misdemeanor. Because of the relatively small sample and low
base rate for new felony and misdemeanor convictions, we did not
examine this as a separate outcome. Instead, we combined all three
types of misbehavior (civil commitment violation, parole viola-
tions, and new felony/misdemeanor convictions) into an any mis-
conduct category.

For the 38 committed offenders with scores from both state and
defense evaluators, the base rates of misconduct were 60.5% (n �
23) for civil commitment violations, 44.7% (n � 17) for parole
violations, and 73.7% (n � 28) for any type of misconduct. For the
32 committed offenders with scores from corrections-contracted
and prosecution-retained evaluators, the base rates of misconduct
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were 50.0% (n � 16) for civil commitment violations, 21.9% (n �
7) for parole violations, and 59.4% (n � 19) for any type of
misconduct.

Results

Minimum and Maximum Disagreement Datasets for
Opposing Evaluator Cases

Among the 38 offenders with at least one score from a state
expert and one score from a defense expert, 12 (31.6%) had scores
from two state evaluators and 5 (13.2%) had scores from two
defense evaluators. Because the state and defense evaluator valid-
ity analyses required us to use only one state evaluator score and/or
one defense evaluator, we conducted separate analyses on two
partially overlapping datasets, which we refer to as minimum and
maximum disagreement datasets. For committed offenders with
two scores from experts on the same side of the case, the minimum
disagreement dataset used the PCL-R score that was closest to the
opposing evaluator score. For example, if an offender had scores
of 20 and 25 from state evaluators, and a score of 15 from a
defense evaluator, then the minimum discrepancy dataset used the
score of 20 from a state evaluator, because it was closer to the
defense evaluator’s score (i.e., 15) than 25. In the maximum
discrepancy dataset, we would have used the score of 25 from the
state evaluator.

Another option would have been to average together all scores
from evaluators on the same side of the case. We decided against
this approach because scores from evaluators on the same side of
the case often differed substantially (e.g., as much as 17 points),
and we used separate analyses to examine the impact of averaging
scores on predictive validity.

Thus, findings from the minimum disagreement dataset reflect
the performance of PCL-R scores when we attempt to use scores
that appear to be relatively less influenced by adversarial alle-
giance (that is, the two most similar scores from opposing evalu-
ators). Findings from the maximum disagreement dataset reflect
performance of scores that appear to be more influenced by ad-
versarial allegiance (that is, the two most discrepant scores from
opposing evaluators). Of course, there were multiple scores from
offenders on the same side of the case for only 17 (44.7%) of the
38 offenders with opposing scores. Thus, for 21 offenders, PCL-R
scores are exactly the same in both datasets. Nevertheless, because
rater-agreement will be higher in the minimum disagreement da-
taset, we might expect those scores to be better predictors of
misconduct than those in the maximum disagreement dataset.4

Evaluator Agreement

We used two-way random effects generalizability theory
analyses to calculate intraclass correlation coefficient (ICC)
values for PCL-R total scores from single evaluators and scores
averaged across two evaluators (see Table 1). These analyses
allowed us to separate the variance in scores attributable to
offenders’ levels of psychopathy as measured by the PCL-R,
which is the ICC, the amount of variance due to evaluator type
(i.e., state vs. defense, or corrections contracted vs. prosecution
retained), and the amount of variance due to other unmeasured
sources of error.

We calculated both absolute and consistency agreement ICCs.
Absolute agreement ICC values allow us to examine whether
evaluators tended to agree with each other in the exact scores that
they assigned to offenders. Consistency agreement ICC values
allow us to examine whether evaluators tended to rank order
offenders in the same manner, regardless of whether one type of
evaluator assigned consistently higher or lower scores than the
other. Consistency ICCs can be very high when evaluators assign
very different scores to the same offender, but their scores tend to
rank order offenders in the same manner. We report both types of
ICCs here because it is possible that scores form two sets of
evaluators (e.g., state vs. defense) tend to rank offenders in the
same order, but differ in terms of absolute value.

We also calculated single and multiple (i.e., two) evaluator
ICCs. Single evaluator ICCs apply to analyses in which only one
score is used to make a decision about an offender, such as when
we use only state or only defense scores to predict misconduct.
Multiple evaluator ICCs apply to analyses that use scores averaged
across multiple evaluators.

Absolute agreement. Overall, single evaluator absolute
agreement values were low, regardless of whether the pair of
scores came from opposing evaluators (ICCA,1 � .44 to .52) or two
state evaluators (ICCA,1 � .40). As expected, scores averaged
across two evaluators were more reliable than scores from a single
evaluator, whether for opposing evaluators (ICCA,2 � .61 to .68)
or from pairs of state evaluators (ICCA,2 � .57).

Much of the disagreement between opposing evaluators ap-
peared attributable to evaluator allegiance. State evaluators gave
higher scores (M � 25.22, SD � 7.89) than defense evaluators
(M � 18.61, SD � 6.64; t(37) � 6.35, p � .01, Cohen’s d � .90)
in the maximum disagreement dataset and in the minimum dis-
agreement dataset (M � 23.57, SD � 7.31 vs. M � 18.67, SD �
6.43; t(37) � 5.21, p � .01, d � .71). Table 1 shows how
averaging scores across opposing evaluators can reduce the impact
of allegiance on scores, even when we are concerned with absolute
agreement. Specifically, the amount of variance attributable to
evaluator type was lower when scores were averaged (e.g., the
variance attributable to evaluator allegiance reduced from 28 to
20% for maximum disagreement scores, and from 20 to 13% for
minimum disagreement scores).

Nearly all of the disagreement between pairs of state evaluators
was attributable to unmeasured or random sources of error. In
other words, there was not a consistent trend for one type of state
evaluator (corrections-contracted vs. prosecution-retained) to as-
sign notably higher scores than the other. The mean score assigned
by corrections-contracted evaluators was 24.22 (SD � 7.71) com-
pared to 26.50 (SD � 5.72) from prosecution-retained evaluators,
t(31) � 1.75, p � .09, d � .34.

Consistency agreement. As expected, the consistency agree-
ment values in Table 1 suggest that opposing evaluators did tend
to agree in their rank ordering of offenders with respect to psy-

4 Another option would have been to conduct separate predictive validity
analyses for (a) those with only one score from each evaluator, (b) those
with two scores from state evaluators, and (c) those with two scores from
defense evaluators. However, the sample size for (b) and (c) would have
been too small (n � 12 and 5, respectively) to conduct meaningful
analyses.
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chopathy. For example, the ICCC,1 value for maximum disagree-
ment scores is .61, which is clearly stronger than the ICCA,1 value
of .44.

Consistency agreement ICC values for pairs of state evaluators
were nearly identical to absolute agreement ICC values for pairs of
state evaluators. This pattern of ICC values is consistent with the
earlier finding that most of the disagreement between state eval-
uators was attributable to unmeasureable sources of error, as
opposed to one type of state evaluator assigning consistently
higher scores than the other.

Agreement summary. Together, absolute agreement, consis-
tency agreement, and mean difference findings for opposing eval-
uator scores indicate that opposing evaluators tended to agree in
their rank ordering of offenders, but that state evaluators consis-
tently assigned higher scores to offenders than defense evaluators.
This pattern of findings suggests that predictive validity effects
may be similar for scores from state and defense evaluators.
Indeed, the ICCC,1 value of .61, which conceptually is similar to a
Pearson correlation (Shrout, 1995), indicates a moderate-to-strong
correlation between evaluators. In most prediction situations, we
would expect two predictors that correlate with each other .61 to
predict similar outcomes. However, the mean difference in scores
between opposing evaluators suggests that cut scores for maximiz-
ing accurate predictions will differ for state and defense evaluator
scores. Specifically, the PCL-R score from a defense evaluator that
suggests a high level of risk will be lower than the score from state
evaluators that suggests a high level of risk.

For pairs of state evaluators, the ICC values also suggest that
scores averaged across evaluators may be better predictors than
scores from one type of state evaluator. However, the finding that
there was little variance attributable to the type of evaluator, and a
great deal attributable to unmeasured or random sources of error,
suggests that each set of scores may show a different relation with
misconduct. In other words, it seems unlikely that two sets of
scores that order offenders differently with respect to risk would
both predict misconduct.

Prediction of Misconduct

We calculated area under the receiver operating characteristic
curve (AUC) and Cohen’s d values to examine ability of PCL-R

total scores to predict misconduct. In the context of this miscon-
duct research, an AUC value indicates the likelihood that a ran-
domly selected offender who was convicted of a violation will
score higher on the PCL-R than a randomly selected offender who
was not convicted of a violation. Cohen’s d is an effect size for
comparing mean scores, reflecting the number of standard devia-
tion units between means for the two groups being compared (e.g.,
convicted vs. not convicted). We calculated predictive effects for
the two most common types of misconduct (civil commitment
program violation, parole violation, etc.) and a category that com-
bined all types of misconduct (any misconduct). Findings from
these analyses are summarized in Table 2 for opposing evaluators
and Table 3 for pairs of state evaluators.

Overall, PCL-R total scores tended to be moderate-to-strong
predictors of parole violations and any type of misconduct, but not
civil commitment program violations. Thus, we focus on parole
violations and any type of misconduct to address the questions of
whether scores from one type of evaluator perform better than
others and whether scores averaged across evaluators perform
better than single scores.

Does Prediction Differ for State and Defense
Evaluators?

The findings in Table 2 show no evidence that scores from one
type of opposing evaluator consistently out-performed those from
the other. There was no instance in which the AUC value for state
evaluators was significantly different from the AUC for defense
evaluators (Hanley & McNeil, 1983), although these comparisons
are limited by the small sample size. For parole violations and any
misconduct, all effect sizes, even those that were not large enough
to reach statistical significance (e.g., d � .61 for state evaluator
scores predicting parole violations in the minimum disagreement
dataset), fell within or above the range of expected effects (d � .35
to .70) based on findings from meta-analysis examining PCL-R
scores and institutional misconduct (e.g., Guy, Edens, Anthony, &
Douglas, 2005; Leistico, Salekin, DeCoster, & Rogers, 2008).
Indeed, effects in this sample were often much larger than those
reported in PCL-R meta-analyses, with several d values greater
than .90 (e.g., d � 1.03 for state evaluator scores predicting parole
violations in the minimum disagreement dataset).

Table 1
Generalizability Theory Analysis Results for Opposing Evaluator and Two State Evaluator Cases

Evaluator sample

Reliability of single score variance attributable to Reliability of averaged score variance attributable to

Offender (ICC) Evaluator type Other error Offender (ICC) Evaluator type Other error

Absolute agreement ICCA,1 ICCA,2

Opposing evaluators max disagree .44 .28 .28 .61 .20 .19
Opposing evaluators min disagree .52 .20 .28 .68 .13 .19
Two state evaluators .40 .04 .56 .57 .03 .40

Consistency agreement ICCC,1 ICCC,2

Opposing evaluators max disagree .61 — .39 .79 — .21
Opposing evaluators min disagree .64 — .36 .78 — .22
Two state evaluators .41 — .59 .58 — .42

Note. N � 38 for opposing evaluator cases. N � 32 for two state evaluator cases. ICCA,1 � single evaluator intraclass correlation coefficient for absolute
agreement; ICCA,2 � multiple evaluator (i.e., two evaluator) intraclass correlation coefficient for absolute agreement; ICCC,1 � single evaluator intraclass
correlation coefficient for consistency agreement; ICCC,2 � multiple evaluator (i.e., two evaluator) intraclass correlation coefficient for consistency
agreement.
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There was a tendency for effect sizes for state scores to be larger
in the minimum disagreement dataset than the maximum disagree-
ment, suggesting that, in cases with multiple state evaluator scores,
the score that is closest to the defense expert’s will have the
strongest predictive validity. For example, the AUC for predicting
any misconduct from state evaluator scores was .67 (d � .58) in
the maximum disagreement dataset, and .77 (d � 1.00) in the
minimum disagreement dataset.

Are scores averaged across opposing evaluators more useful
than either score alone? Predictive validity effect sizes for the
scores averaged across state and defense evaluators tended to fall
between the effect sizes for either state or defense evaluators alone

(see Table 2). However, because state evaluator and defense eval-
uator scores tended to show similar levels of predictive validity,
the averaged scores did not lead to any clear improvement or
reduction in prediction. Overall, averaging scores across opposing
evaluators was neither clearly helpful, nor clearly harmful, for
prediction.

Do scores from opposing evaluators need to be interpreted
differently? The finding that PCL-R total scores from state
evaluators tend to be significantly higher than those from defense
evaluators, but that their scores are equally predictive of miscon-
duct, suggests scores from state and defense evaluators may need
to be interpreted differently for predicting misconduct. Specifi-
cally, the PCL-R total score that indicates a “high” level of risk for
misconduct is lower for defense experts than state experts. This
finding is evident in Table 3, which presents sensitivity and spec-
ificity values for various PCL-R cut scores for predicting parole
violation convictions in the minimum disagreement dataset. We
used cut score intervals of five points because the average discrep-
ancy between scores from opposing evaluators in the minimum
discrepancy dataset was 4.9 points (23.57 from state evaluators vs.
18.67 from defense evaluators).

We can illustrate the need to interpret scores from state and
defense experts differently by asking, “What cut score is needed to
achieve sensitivity of at least .65 for predicting parole violations?”
The findings in Table 3 suggest that the score is 20 or higher for
scores from defense evaluators and 25 or higher for scores from
state evaluators. In other words, for parole violations, a score of 20
or higher from a defense evaluator should be interpreted similarly
to a score of 25 or higher from a state evaluator. The sensitivity,
specificity, and overall hit rate values were identical for the cut
scores of �25 for state evaluators and �20 for defense evaluators.
If we were to decide that a .65 likelihood of parole violation
indicated a “high” level of risk (in a group in which the base rate
is .45), then a score of 25 or higher from a state evaluator would
indicate high risk, while a score of 20 or higher from a defense
evaluator would indicate high risk.

For scores averaged across state and defense evaluators, the cut
score needed to achieve sensitivity of .65 is �23, squarely between

Table 2
Opposing Evaluator PCL-R Total Scores and Prediction of Misconduct

Misconduct type/score from

Maximum disagreement Minimum disagreement

AUC AUC 95% CI d AUC AUC 95% CI d

Civil commitment violation
State evaluator .48 .28–.67 .06 .58 .39–.77 .32
Defense evaluator .59 .40–.78 .35 .59 .41–.78 .36
Average of state and defense .52 .33–.72 .14 .57 .39–.76 .37

Parole violation
State evaluator .68 .51–.86 .61 .77�� .62–.92 1.03
Defense evaluator .72� .55–.89 .74 .71� .54–.89 .71
Average of state and defense .71� .54–.88 .75 .77�� .61–.93 .98

Any misconduct
State evaluator .67 .47–.87 .58 .76� .60–.91 1.00
Defense evaluator .73� .56–.91 .87 .73� .56–.91 .89
Average of state and defense .71� .52–.90 .80 .77� .61–.93 1.06

Note. d � Cohen’s d effect size. AUC � area under receiver operating characteristic curve.
� p � .05. �� p � .01.

Table 3
Cut Score Performance for State and Defense Evaluator Scores
Predicting Parole Violations: Minimum Disagreement Dataset

Evaluator/cut score Sensitivity Specificity Hit rate

State evaluator
�10 1.00 .09 .50
�15 .94 .19 .53
�20 .94 .43 .66
>25 .65 .71 .68
�30 .41 .95 .71

Defense evaluator
�10 .88 .09 .45
�15 .88 .38 .60
>20 .65 .71 .68
�25 .23 .95 .63
�30 .12 1.00 .60

Average state/defense
�10 1.00 .09 .50
�15 .94 .19 .53
�20 .82 .48 .63
<23 .65 .81 .74
�25 .47 .90 .71
�30 .12 1.00 .60

Note. 17 of 38 committed offenders were convicted of a parole violation.
Bold indicates identical performance for State cut score of �25 and
Defense cut score of �20, and similar performance for cut score of �23
when scores are averaged across opposing evaluators.
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the cut score values for state and defense evaluators. In addition,
this cut score actually performs somewhat better than those for
state and defense evaluators alone, with a specificity value of .81
and an overall hit rate of .74.

Does Prediction Differ for Corrections-Contracted and
Prosecution-Retained Evaluators?

For parole violations and any recidivism, scores from
prosecution-retained evaluators were significantly stronger predic-
tors of misconduct than those from corrections-contracted evalu-
ators (see Table 4). Indeed, PCL-R total scores from corrections-
contracted evaluators were not statistically significant (i.e., all d
values � .20) predictors of any type of misconduct. However,
scores from prosecution-retained evaluators were strong predictors
of any type of misconduct (AUC � .80, d � .88) and parole
violations (AUC � .73, d � .81).

This finding of stronger performance for scores from
prosecution-retained evaluators raises the question of whether
scores from state-contracted evaluators are poor predictors across
all cases, or only in those in which the prosecuting attorneys
decided to retain their own evaluator, rather than rely solely on the
original corrections-contracted evaluator. To examine this issue,
we calculated AUC values for PCL-R total scores from
corrections-contracted evaluators for 24 offenders with no
prosecutor-retained evaluator score. These were offenders in-
cluded in the opposing evaluator analyses, who had no score from
a prosecution-retained evaluator. In these cases, PCL-R total
scores from corrections-contracted evaluators were large and sta-
tistically significant predictors of parole violations (AUC � .80,
SE � .09, p � .01, d � 1.12) and any misconduct (AUC � .77,
SE � .10, p � .05, d � 1.07). Thus, scores from corrections-
contracted evaluators were not poor predictors in all cases. Rather,
they were only poor predictors in cases in which the prosecuting
attorneys decided to retain a second evaluator to score and testify
about the PCL-R.

Are scores averaged across types of state evaluators more
useful than either score alone? Predictive effects for scores
averaged across the two types of state evaluators fell squarely

between those for each type of state evaluator alone (see Table 3).
Because predictive effects were different for the two types of state
evaluators, the averaged scores appeared to offer some benefit in
that they were more effective than the poorest performing scores.
For example, the AUC for predicting any misconduct was .66 (d �
.55) for scores averaged across state evaluators, compared to .54
(d � .19) for scores from corrections-contracted evaluators. How-
ever, the averaged scores were also less useful than the most
predictive scores (e.g., AUC � .80 for scores from prosecution-
retained evaluators predicting any misconduct).

Discussion

Studies that document disagreement among opposing evaluators
prompt the question: “When evaluators disagree, who is correct?”
That question is very difficult, if not impossible, to answer in the
context of PCL-R scores in adversarial proceedings. However, we can
use predictive validity research as an indirect approach to gauge the
accuracy of scores from opposing evaluators. Specifically, we can
examine the extent to which scores from each type of expert are
associated with relevant criterion variables. In this study, we exam-
ined the extent to which PCL-R scores from state and defense eval-
uators in SVP cases were associated with future misconduct, an
outcome measure conceptually and empirically associated with
PCL-R scores among sex offenders (see Buffington-Vollum et al.,
2002; Edens et al., 2002; Porter, ten Brinke, & Wilson, 2009).

Similar Prediction for Scores from State and Defense
Evaluators

We found no evidence that scores from one type of opposing
evaluator consistently outperformed those from the other type of
evaluator. PCL-R total scores from both state and defense evaluators
were moderate to large predictors of parole violations (d � .61 to
1.03) and overall misconduct (d � .58 to 1.00). Some offenders did
have multiple scores from experts on the same side of the case, and
predictive effects did tend to be larger when we used the score that
was most similar to the score from the opposing evaluator (minimum
disagreement scores). Nevertheless, scores from both sets of evalua-
tors were still moderate to strong predictors of overall misconduct
even when we used the scores that led to the most disagreement
among evaluators (d � .58 to .80; maximum disagreement scores).

How can scores be similarly predictive, even when their absolute
value differed greatly? PCL-R total scores from both sets of opposing
evaluators were predictive of misconduct because their scores tended
to rank offenders in the same order with respect to risk (ICCC,1 � .61
to .64), even though scores from state evaluators were, on average,
about five points higher than those from defense evaluators. Together,
the mean difference in scores assigned by opposing evaluators, along-
side similar levels of prediction, leads to the conclusion that scores
from state and defense evaluators need to be interpreted differently, at
least in terms of predicting future misconduct in the Texas outpatient
SVP treatment program. This need for different interpretation was
especially apparent in the cut-score analyses, where the predictive
properties of the cut score �25 for scores from state evaluators were
identical to those for the cut score of �20 from defense evaluators. In
other words, a score of 20 or higher from a defense evaluator sug-
gested the same level of risk as a score of 25 or more from a state
evaluator.

Table 4
State Evaluator PCL-R Total Scores and Prediction
of Misconduct

Misconduct type/score from AUC AUC 95% CI d

Civil commitment violation
Corrections-contracted evaluator .53 .33–.74 .14
Prosecution-retained evaluator .66 .46–.86 .30
Average of state evaluators .58 .38–.79 .24

Parole violation
Corrections-contracted evaluator .51a .27–.76 .06
Prosecution-retained evaluator .73b .52–.93 .81
Average of state evaluators .62a,b .37–.88 .43

Any misconduct
Corrections-contracted evaluator .54a .33–.74 .19
Prosecution-retained evaluator .80b

�� .63–.96 .88
Average of state evaluators .66a,b .47–.85 .55

Note. AUC values for the same type of misconduct with different sub-
scripts differ at p � .05. d � Cohen’s d effect size. AUC � area under
receiver operating characteristic curve.
� p � .05. �� p � .01.
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Different Prediction for Corrections-Contracted and
Prosecution-Retained Evaluators

For offenders with PCL-R total scores from two state evaluators,
scores from prosecution-retained evaluators clearly outperformed
those from corrections-contracted evaluators in predicting parole vi-
olations and overall misconduct. One reason for this difference in
performance is that the two sets of scores from state evaluators did not
tend to rank order offenders in the same manner with respect to risk.
Indeed, the consistency agreement ICC (for single evaluators) was
nearly identical to the absolute agreement ICC (.41 vs. .40).

The predictive validity analyses indicated that PCL-R total
scores from prosecution-retained evaluators better ordered offend-
ers in terms of risk than scores from state-contracted evaluators.
Predictive effects were significantly stronger for prosecution-
retained evaluators than corrections-contracted evaluators for pa-
role violations and overall misconduct. If we assume that PCL-R
total scores should predict misconduct, as suggested by previous
research (Buffington-Vollum et al., 2002; Edens et al., 2002;
Porter et al., 2009), then this pattern of findings suggests that
scores from prosecution-retained evaluators generally were more
accurate than those from state-contracted evaluators.

One potential explanation for the stronger predictive validity effects
for scores from prosecution-retained experts is that the prosecutors
only hired a second expert when they believed that the score from the
corrections-contracted evaluator was inaccurate (or, more generally,
when they believed a second evaluator would differ from the
corrections-contracted evaluator in ways that would be helpful to their
case). When the prosecution did not hire a second expert, PCL-R
scores from corrections-contracted evaluators were strong predictors
of parole violations and any misconduct (d � 1.00). Prosecution-
retained evaluators did tend to give somewhat higher scores than
state-contracted evaluators, suggesting that the SPU was somewhat
more likely to hire a second evaluator when the state-contracted
evaluator assigned a score they perceived as inappropriately low, but
this effect was small (d � .34).

Advantages and Disadvantages of Using Scores
Averaged Across Evaluators

As expected, PCL-R scores averaged across opposing evaluators
were more reliable than those from single evaluators alone. Indeed,
the consistency agreement ICC values for scores averaged across
opposing evaluators (ICCC,2) were strong (.78 to .79), falling within
the range often desired for psychometric measures. Averaging scores
did not, however, lead to a significant increase or decrease in predic-
tion. PCL-R total scores averaged across two state evaluators were
more reliable (ICCC,2 � .58) than scores from a single type of
evaluator (ICCC,1 � .41). However, because scores from prosecution-
retained evaluators were stronger predictors than those from
corrections-contracted evaluators (in cases with two state scores),
there appear to be both pros and cons to using averaged scores in this
context. Averaged scores were weaker predictors than scores from
prosecution-retained evaluators, but stronger than scores from
corrections-contracted evaluators.

To what extent do these findings support Hare’s (1998; 2003)
position that it is desirable to average scores across evaluators? In
contexts where research has demonstrated that one type of score is
more predictive than another, using the averaged score will of

course lead to attenuated prediction. However, evaluators and
decision makers in most contexts will not know whether a score
from one source is more accurate than a score from another source
for a particular type of prediction. In these situations, scores
averaged across evaluators appear to be the “safest” scores to use
because they will protect against the harm that might be done when
one type of evaluator reports scores that are not predictive of
potentially important outcomes, as was evident in our analyses
examining scores from corrections-contracted and prosecution-
retained evaluators. If both scores are equally predictive (or not
predictive), then the average score will have little to no attenuating
effect on prediction, as was evident in our analyses examining
scores from opposing evaluators.

Implications for Practice

It seems unlikely that the primary reason an expert would testify
about an offender’s PCL-R score in court would be to provide
information about misconduct within an SVP program. Although our
findings have implications for predicting misconduct, our goal was to
use misconduct as a criterion, albeit an imperfect one, to gauge the
accuracy of PCL-R scores from different types of evaluators who
appeared to differ greatly in the scores they assigned. As such, we
need to be clear about what these scores do and do not mean for the
use of PCL-R scores from opposing experts.

When evaluators disagree in their scoring, it is not necessarily
the case that the score from one evaluator is a better predictor than
the score from the other. As our findings demonstrate, it is possible
that both scores are similarly predictive, but that each needs to be
interpreted on a different metric. However, it is also possible that
there will be times when scores from one type of evaluator are
more predictive than those from another. How can evaluators,
attorneys, judges, or jurors know the predictive properties of
PCL-R scores from particular types of evaluators in a given case?
They cannot, without research examining the validity of scores
from particular types of evaluators in particular types of cases. For
example, our finding that scores from both state and defense-
retained evaluators predict misconduct does not necessarily apply
to other outcomes (i.e., sexually violent recidivism) among these
same offenders, to offenders undergoing SVP evaluations in other
states, or to offenders scored on the PCL-R for different types of
cases. Moreover, our finding that adding five points to a defense
evaluator’s score generally allows it to be interpreted similarly to
a state evaluator’s score probably does not apply to other contexts.

It seems unlikely that the predictive validity research needed to
interpret PCL-R scores from different types of evaluators will
become available in the near future. Indeed, in Texas, we were not
able to examine the most directly relevant criterion (sexually
violent recidivism) because all but one of the offenders pursued for
commitment in Texas have been civilly committed, and none has
committed another known sexual offense. Therefore, in the ab-
sence of context-specific validity data, what is the field to do with
the finding that some evaluators assign unreliable scores when
administering ostensibly reliable measures in the field?

Perhaps the best way to address this issue is for evaluators to
focus on improving their reliability. When evaluators agree in their
scoring, the question of what to do with discrepant scores becomes
irrelevant. Reliability interventions are likely to be most feasible in
“closed systems,” such as correctional systems that use staff or
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contracted evaluators to score risk instruments, which can require
evaluators to complete a certain type of training and demonstrate
a certain level of reliability before providing scores used to make
decisions about offenders. Many published studies show that it is
possible for raters who complete the same training to achieve a
high level of reliability (see e.g., Gacono & Hutton, 1994), al-
though completing the same training does not necessarily ensure
high reliability. Reliability interventions are likely to be most
difficult in “open systems,” such as many court trials, in which
opposing sides are free to select evaluators from a wide pool of
clinicians who are not required to participate in any formal training
or oversight. For this latter context, instrument-specific reliability
trainings that demonstrably improve scoring accuracy may offer
one route for improvement. Although courts may not be able to
require that evaluators have attended an empirically supported
training, evaluators who have done so may be in a better position
to defend their scoring in the courtroom.

Until the field has made greater steps towards demonstrating
greater reliability in adversarial cases, it may be safest to use
scores averaged across evaluators. Averaging scores will have
little to no impact when two evaluators generally agree in their
scoring. Indeed, averaging identical scores will not change the
score at all. Averaging scores may be most useful as a safeguard
against wildly incorrect scores in that the average score will be less
extreme. Averaging scores is not without risk, as it will attenuate
the validity of the most predictive scores in contexts in which one
type of evaluator is consistently more accurate than the other.

Limitations

This study focuses on the predictive validity of one measure, as
used in one type of forensic evaluation, in one state, for a subgroup of
offenders who were not randomly selected for rescoring. Each of
these aspects of the study design necessarily limits conclusions about
the extent to which findings apply to the PCL-R as used in other
contexts by other evaluators, as well as to other measures used to
assess violence risk. Indeed, it is important to emphasize that this
study context was optimal for examining prediction, given the high
base rate of misconduct. The most important outcomes, such as sexual
or violent recidivism, often have much lower base rates, making
prediction more difficult. Our findings are useful as an example of
how a poor absolute agreement rater-agreement coefficient does not
necessarily mean that scores from one or even both types of evalua-
tors are useless as predictors. Ultimately more research is needed to
examine the generalizability of our findings to other contexts.

Conclusion

Studies that document disagreement among opposing evaluators
prompt the simple question, “When evaluators disagree, which
evaluator is correct?” However, our findings suggest this question
cannot be answered simply. Scores from either side were similarly
predictive, and neither side clearly outperformed the other. How-
ever, these findings suggest that scores from each side need to be
interpreted differently. Although averaging scores may represent a
cautious solution for interpreting discrepant scores, doing so will
attenuate validity when scores from one type of evaluator are more
predictive of outcome variables than those from another type of
evaluator. Whereas most research investigates how risk measures

perform under optimal research conditions, our findings from a
small sample suggest we must do much more to understand how
risk measures perform when applied in routine forensic practice.
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